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Abstract

This article analyzes the carry trade effects in Switzerland and Brazil with a
Bayesian global vector autoregressive model (BGVAR). By controlling global factors,
the carry trade effects on the real economy are analyzed. Results support the tested
hypothesis that there are negative carry trade effects on the Swiss and Brazilian
economies. Although variant to the model specification and frequency, the results are
new additions to the empirical literature on the carry trade. Furthermore, there are two
main conclusions. In the Swiss case, there is a crowding-out effect, where carry trade
displaces real economy activity. For Brazil, an augmented carry trade activity reinforce
the subordinated position of the Brazilian currency in the actual international monetary
system. In addition, the political economy approach indicates that these differences are
also explained by the power relations connected to the carry trade activity.

1 Introduction

Carry trade or currency carry trade is a speculative financial investment. According to Frankel

(2008, p. 40), it is an investment strategy of “going short (betting the foreign exchange value

will fall) in a low-interest rate currency” as the Swiss franc (CHF), “while simultaneously

going long (betting the foreign exchange value will rise) in a high-interest rate currency” like

the Brazilian real (BRL). Each currency in the carry trade will be impacted differently by

increases in these bets. Notably, the exchange rate is likely to be affected (Klitgaard and

Weir 2004; Fong 2013). By creating erratic movements in the exchange rate, carry trade

impacts the real economy of both countries.

This article aims to fill a gap in the carry trade literature by empirically investigating the real

economy impacts of the carry trade activity in Switzerland and Brazil. This is done using a
∗Universidade de Blumenau (FURB), Brazil, bttomio@furb.br
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Bayesian global vector autoregressive (BGVAR) model, which proxies the global economy.

How does carry trade impact both Swiss and Brazilian economies? This addressed question is

a novelty in the usual literature on this topic, which focuses on maximizing portfolio returns.

The central hypothesis is that there are pervasive effects of this speculative activity.

Theoretically, the carry trade activity should not even exist. According to the uncovered

interest rate parity (UIP) hypothesis, exchange rates would neutralize the interest rate

differentials between two currencies. In this sense, the UIP states that the carry trade profits

would be equal to zero. Nevertheless, as demonstrated several times, the UIP hypothesis is

violated in the current international monetary system (e.g., see the seminal paper by Fama

1984). Therefore, carry trade activities are not financially nor economically neutral. Along

with their influence on the exchange rates, they also exert a distributive impact and are

related to power. Overall, it is a zero-sum game, i.e., one agent’s loss is another agent’s gain.

Such a statement also applies to central banks: managing the impact of carry trade activities

cannot occur without entailing risky decisions, which could entail losses for themselves and

their economies.

In addition, in order to analyze these relations of power underpinning carry trade activities, a

political economy approach is carried out to understand the carry trade effects better. Indeed,

funding and target currencies are not affected to the same extent. The power structure in the

international monetary system may influence the way carry trade affects individual economies.

Specifically, the international hierarchy of currencies confers more or less power to central

banks because they could undermine their liberty to implement independent monetary policies

(Cohen 1998; De Conti, Prates, and Plihon 2013; De Paula, Fritz, and Prates 2017; Fritz, De

Paula, and Prates 2018). Therefore, carry trade activities are related to the power associated

with the international status of central banks and currencies. For example, Gaulard (2012,

p. 386) says that “[t]he American monetary creation and the [Federal Reserve]’s policy of

quantitative easing are indeed at the root of an increasing number of capital flows oriented

towards emerging countries like Brazil.” Similarly, “[e]xpansionary monetary policies in

[advanced economies] exacerbated the flood of capital to [emerging market and developing

economies]. Investors and speculators were able to engage in the profitable carry trade,
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borrowing at low interest rates in [advanced economies] and then investing in [emerging

market and developing economies], which were characterized by higher interest rates during

much of the global crisis.” (Grabel 2018, p. 199)

There is a neglected and underestimated political economy of carry trade activities deserving

more attention. Political economy is understood here as the academic analysis of politically

and socially embedded economic activities, resting on the idea to place power relations at the

core of these activities. Power is associated with both structures and interactions between

actors, the latter encompassing the States and individual actors (Strange 1994; May 1996).

Within the carry trade context, this implies focusing on the States, but also on central

banks and on private investors of different kinds (for example, dealers/intermediaries, asset

managers, leveraged funds, investment banks). International organizations are also vital

in this scheme. For example, the International Monetary Fund’s view on capital controls

changed significantly after the 2008 global financial crisis. As pointed out by Grabel (2018,

p. 213), “[t]he rebranding of controls has also been facilitated by the fact that carry trade

pressures in some [advanced economies] caused central bankers to reconsider their long-held

opposition to currency interventions and even to capital controls.”

The political economy is crucial to the investigation of carry trade activities since it identifies

the different relations of power associated with international monetary transactions. This

framework also challenges the dichotomies often used to delve into this topic. For instance,

there is a binary rationale about developed and developing/emerging countries or about

funding and investing currencies. Though relevant to some extent, such dichotomies do not

reflect the complexity of carry trade activities and their relations of power. The complexity

of these power relations between economic actors overlaps the current understanding of carry

trade activities.

There are two levels of power conflict in the political economy approach to the carry trade.

First, internationally, currencies from developed countries are preferred to currencies from

developing countries, as illustrated by the currency hierarchy. Second, domestically, central

banks accept the risk of the carry trade activity following the pressure of actors from the

financial sector. As proposed by Schoenmaker (2011, p. 57)‘s financial trilemma, “financial
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stability, financial integration and national financial policies are incompatible.” Furthermore,

democracy and national sovereignty questions appear regarding central banks’ handling of

the carry trade.

In sum, the impacts of the carry trade activities on the real economy have been overlooked.

Notably, the paper contributes to a better understanding of these impacts by investigating

the cases of two notorious funding and target currencies, the Swiss franc and the Brazilian

real, respectively. There is evidence that the carry trade negatively impacts the real economy.

Our interpretation is that carry trade crowds out real investment, along with the distortions

on the exchange rate. Nevertheless, these impacts do not present a high economic magnitude,

also being conditional to the periodicity of the estimated model. Additionally, a broader

discussion of these impacts is possible with the political economy approach. The remainder is

organized as follows. Section 2 gives a data overview and describes the econometric framework.

The links between the real economy and the carry trade activities are explored with the

transmission of structural shocks in section 3. The main conclusions are drawn in section 4.

2 Data overview and econometric framework1

This section describes the data set created for the empirical assessment of the carry trade

effects on the Swiss and Brazilian real economy. Succeeding the data description, there is the

demonstration of the econometric framework with a general description of the Bayesian global

vector autoregressive (BGVAR) model. Next, a subsection discusses both the implemented

model setup and the pre-testing procedure.

2.1 Data

The world economy is proxied by 21 countries and one regional aggregate, the euro area (see

Table 1). This makes a total of 22 units. Additionally, the main currency pairs available

on the CFTC public database are present. Most importantly, according to the World Bank

1Data and R scripts are available upon request.
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(2021), these countries account for about 84% of global nominal output (GDP, current USD)2

averaged over the years 2014 and 2019.

Table 1: Country coverage

CFTC countries
Australia (AU), Brazil (BR), Canada (CA),
Switzerland(CH), United Kingdom (GB),
Japan (JP), Mexico (MX), New Zealand
(NZ), Russia (RU), Euro area (U2)∗, United
States (US)

Global economy
China (CN), Czech Republic (CZ), Denmark
(DK), Hungary (HU), India (IN), Korea, Rep.
(KR), Norway (NO), Poland (PL), South
Africa (ZA), Sweden (SE), Turkey (TR)

Notes: Abbreviations follow the two-digit codes provided by IMF’s database
International Financial Statistics (IFS). South Africa (ZA) is excluded from
the CFTC group due to lack of data.
* Changing composition.

Table 2 lists all variables included in the estimated models.

Table 2: Data description

Model

Quarterly Monthly

Variable Definition Source (1) (2) (3) (4) (5) (6) (7) (8)

GDP Gross domestic product* OECD • •
C Final consumption expenditure* OECD • •

GF CF Gross fixed capital formation* OECD • •
X Exports of goods and services* OECD • • • • • •
M Imports of goods and services* OECD • • • • • •

RES
Official reserve assets and other foreign
currency assets* IMF • • • • • • • •

IR Policy interest rate BIS • • • • • • • •
ER Nominal exchange rate* BIS • • • • • • • •
EQ Equity (share) prices* OECD • • • • • • • •

NP
Net (long minus short) positions as a share of
open interest contracts (carry trade proxy) CFTC • • • • • • • •

V IX CBOE Volatility Index (VIXCLS)* FRED • • • •

GCF
Global common factor estimated from
world-wide cross section of risky asset prices

Miranda-Agrippino
(2021) • • • •

IP Industrial production excluding construction* OECD • •

Notes: See Table A.1 in A for more details.
* Variables in logarithmic transform.

In line with Fong (2013), the carry trade proxy is restricted to the category leveraged funds in

the CFTC platform. For more details, see the report Traders in Financial Futures (Commodity

2The code for the indicator used is “NY.GDP.MKTP.CD”.
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Futures Trading Commission 2021). Furthermore, as presented by Brunnermeier, Nagel, and

Pedersen (2008, p. 321), the carry trade proxy (NP ) is given by “the net (long minus short)

futures position of noncommercial traders in the foreign currency, expressed as a fraction of

total open interest of all traders”:

Net positions = Long positions − Short positions
Open interest (1)

Eight data sets are structured by collecting the largest sample possible for each country

(Switzerland and Brazil). As detailed in Table 3, models (1) to (4) models are estimated with

quarterly data, while models (5) to (8) use monthly data.

Table 3: Time span for each model

Country Period Observations Global risk Models
Quarterly data

2006-Q2 to 2021-Q2 61 V IX (1), (3)Switzerland 2006-Q2 to 2019-Q1 52 GCF (2), (4)
Brazil 2012-Q2 to 2021-Q2 37 V IX (1), (3)

Monthly data
2006-06 to 2021-07 182 V IX (5)Switzerland 2006-06 to 2019-04 155 GCF (6)
2014-01 to 2021-07 91 V IX (5), (7)Brazil 2014-01 to 2019-04 64 GCF (6), (8)

Notes: Models (2) and (4) are not estimated for Brazil due to a lack of data, which leads
to a sample of 27 observations. For Switzerland, models (7) and (8) are not estimated
because there is no monthly data for industrial production.

As detailed in A, the last available data in each period is used for the CFTC data. Moreover,

the period-end approach is used for the daily variables. The primary data issue is related

to Brazil’s lack of CFTC data. To achieve a continuous sample, the data sets for Brazil

must start in 2012-Q2 and January 2014 for quarterly and monthly models, respectively.

Furthermore, the time restriction to February 2021 is due to data availability, which avoids

a possible selection bias problem. Therefore, the estimations do not fully account for the

COVID crisis, considering March 2021 as the worst economic moment so far.
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2.2 The Bayesian global vector autoregressive model3

As originally formulated by M. H. Pesaran, Schuermann, and Weiner (2004, p. 159), a global

vector autoregressive model (GVAR) is “an operational framework for global macroeconomic

modeling.” More specifically, Feldkircher and Huber (2016, p. 169) summarize that

[i]n principle, it comprises two layers via which the model is able to capture cross-

country spillovers. In the first layer, we estimate separate time series models for

each country contained in the global model. This takes cross-country differences

of the economies appropriately into account since we do not impose any kind of

homogeneity e.g., in a panel VAR. In the second layer, the country models are

stacked to yield a global model that is able to trace the spatial propagation of a

shock as well as its time dynamics.

Algebraically, the first layer comprises the individual country models in an augmented VAR

model (VARX∗) specification. For example, VARX∗(1,1), for t ∈ 1, ..., T and i ∈ 0, ..., N is

determined by

xi,t = ai0 + ai1t+ ψi1xi,t−1 + Λi0x
∗
i,t + Λi0x

∗
i,t−1 + εi,t, (2)

where xi,t is a ki × 1 matrix at time t in country i. There are also coefficients for a constant

(ai0) and a deterministic trend (ai1). In addition, ψi1 gives the ki × k∗
i matrix of dynamic

coefficients for the lagged endogenous variables in country 1. Weakly exogenous variables

(x∗
i,t, k∗

i × 1 matrix) are given by

x∗
i,t =

N∑
j ̸=i

ωijxj,t, (3)

where ωij denotes bilateral weights between countries i and j. Generally, trade weights

are used in the literature, but financial flows are also present. Eickmeier and Ng (2015)

do not find differences in their results by testing different weighting schemes. Additionally,

Feldkircher and Huber (2016) show that trade weights present good fitness in a sensitivity

3This subsection follows closely the econometric framework presented in Feldkircher and Huber (2016, pp.
169-171).
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analysis under a Bayesian GVAR model. In this sense, trade weights4 are employed in the

estimated model presented in the following sections. With variance-covariance matrix Σε,j,

the usual vector white noise process is determined by εi,t ∼ N (0,Σε,i).

Several facts arise from (2). First, note that weakly exogenous variables enter

the model contemporaneously. Since bilateral weights ωij are assumed to be

exogenous and fixed, weakly exogenous variables simply resemble a function of xt

and are thus endogenously determined within the global system. [. . . ] Second,

note that if Λi0 = Λi1 = 0 the VARX∗ collapses to a standard first-order VAR

model featuring a deterministic time trend. (Feldkircher and Huber 2016, p. 169)

In the second layer, country-specific VARX models are solved simultaneously for all domestic

variables by stacking xi,t and x∗
i,t to retrieve a (ki + k∗

i )-dimensional vector zi,t = (x′
i,t, x

′∗
i,t)′.

The model in Equation (2) can be rewritten by gathering all contemporaneous terms on the

left-hand side, as shown by

Aizi,t = ai0 + ai1t+Bizi,t−1 + εi,t, (4)

with Ai = (Iki
,−Λi0) and Bi = (ψi1,Λi1) being (ki + k∗

i ) matrices. In terms of a global vector,

zi,t is rewritten by using a (ki + k∗
i ) × k link matrix Wi, where k = ΣN

i=0ki is the number of

endogenous variables in the global system. Given that all endogenous variables in the system

are gathered in the k-dimensional vector xt = (x′
0,t, ..., x

′
N,t), zi,t can be written as, with the

use of (3),

zi,t = Wixt. (5)

Therefore, Equation (2) is used to obtain the country model in terms of the global vector, as

shown by

AiWixt = ai0 + ai1t+BiWixt−1 + εi,t. (6)

4See the trade weight matrix in Table A.3 in B.
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Matrices AiWi and BiWi for all countries stacked gives

Gxt = a0 + a1t+Hxt−1 + εt, (7)

where a0 = (a′
00, ..., a

′
N0)′, a1 = (a′

01, ..., a
′
N1)′, G = [(A0W0)′, ..., (ANWN)′], H =

[(B0W0)′, ..., (BNWN)′] and εt = (ε′
0,t, ..., ε

′
N,t)′ ∼ N (0,Σε). With Σε,i on the main diagonal,

Σε is assumed a block-diagonal matrix. The global vector autoregressive model is derived by

multiplying from the left by G−1:

xt = G−1a0 +G−1a1t+G−1Hxt−1 +G−1εt

= b0 + b1t+ Fxt−1 + et,
(8)

where F denotes the k×k companion matrix and et =∼ N (0,Σe) considering Σe = G−1ΣeG
−1′ .

Thence, contemporaneous relationships between countries are established with matrix G.

By being close to a simple VAR(1), Equation (8) allows the implementation of standard

methods (e.g., impulse response analysis). By excluding the eigenvalues of the F -matrix

larger than 1.05 in the estimated model in the following section, shocks are restricted to “no

permanent impact on the system in the very long-run.” (Feldkircher and Huber 2016, p. 170)

This condition is possible by imposing the discard of posterior draws that exceed this limit.

The importance of the Bayesian approach to estimate the GVAR model is well explained by

Feldkircher, Gruber, and Huber (2020, p. 3), adapted to the equations demonstrated here:

While the GVAR modeling approach imposes parsimony by restricting the coeffi-

cients related to other countries’ endogenous variables to be driven by economic

weights (see Eq. (3)), the remaining number of parameters in Eq. (8) is still

typically higher than the number of available observations. This calls for Bayesian

shrinkage priors that effectively deal with this problem by shrinking the parameter

space toward some stylized prior model.
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2.3 Model setup and pre-testing

There are three priors available to choose in the R package BGVAR5 (Böck et al., 2021; 2022):

Stochastic Search Variable Selection prior - SSVS (George and McCulloch 1993; George, Sun,

and Ni 2008), Non-conjugate Minnesota prior - MN (Litterman 1986; Koop and Korobilis

2010), and Normal-Gamma prior - NG (Huber and Feldkircher 2019). Following the same

logic in Feldkircher and Huber (2016, p. 170), the former is chosen because it considers

formally “uncertainty about variable choice into account”. Feldkircher, Gruber, and Huber

(2020, Appendix A, pp. 11-12) provide detailed information about this prior setup and the

Markov chain Monte Carlo algorithm. Technically, the main features of the SSVS prior

implemented on BGVAR is explained in-depth by the package’s authors in Böck, Feldkircher,

and Huber (2022, pp. 6-7)6.

Also, more details on the model setup is supplied in C, which also presents the full list of

variables for each country model (for Switzerland, Tables A.10 to A.15; for Brazil, Tables

A.16 to A.21). In addition, the number of lags imposed in the estimated model equals to one

(1) for all endogenous and weakly exogenous variables. Regarding the draws and burn-ins,

they are equal to 20,000 and 35,000, respectively. “To ensure that the MCMC estimation

has converged, a high-number of burn-ins is recommended” (Böck, Feldkircher, and Huber

2020, p. 9). Besides a constant, each country model has a deterministic trend as well. In

particular, the model is estimated with stochastic volatility, as developed by Kastner (2016),

which is important for two main reasons:

There are several reasons why one may want to let the residual variances change

over time. First and foremost, data frequently used in macroeconometrics contain

volatile periods, such as severe recessions and gradual recoveries. Hence accounting

for time variation can considerably improve the fit of the model (Primiceri 2005;

Sims and Zha 2006; Dovern, Feldkircher, and Huber 2016; Huber 2016). Second,

the specification implemented in this library nests the homoskedastic case. (Böck,

Feldkircher, and Huber 2020, p. 10)
5Version 2.4.1 is used.
6See also Cuaresma, Feldkircher, and Huber (2016, pp. 1377-1378) and Feldkircher and Huber (2016, pp.

170-171).
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To model global risk, the setup follow the setup put forward by Georgiadis (2015), Mohaddes

and Raissi (2019) and Feldkircher, Gruber, and Huber (2020). Figure 1 illustrates the model

setup.

Figure 1: GVAR setup with global risk modeled separately (V IX or GCF )
Notes: The variable NP for Brazil is not included in the models for Switzerland. Similarly, NP for Russia and South Africa are
also excluded from these models. The reason is the lack of data.

Before continuing to the results of the estimated models, some pre-testing is needed. The

first test is Geweke (1992)’s convergence diagnostic, which “assesses practical convergence of

the MCMC algorithm.” (Böck, Feldkircher, and Huber 2020, p. 11)

In a nutshell, the diagnostic is based on a test for equality of the means of the first

and last part of a Markov chain (by default we use the first 10% and the last 50%).

If the samples are drawn from the stationary distribution of the chain, the two

means are equal and Geweke’s statistic has an asymptotically standard normal

distribution. The test statistic is a standard Z-score: the difference between

the two sample means divided by its estimated standard error. The standard

error is estimated from the spectral density at zero and so takes into account any

autocorrelation. (Böck, Feldkircher, and Huber 2020, p. 11)

As shown by the results in Table 4, the Geweke statistic is very low for all models. For

example, regarding model 1 for Switzerland, 8.62% of the variables’ z-values exceed the 1.96

threshold. Therefore, only a very small fraction of all coefficients do not converge.
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Table 4: Convergence diagnostics, Geweke statistic

Model
Country (1) (2) (3) (4) (5) (6) (7) (8)

Switzerland 8.62% 6.9% 11.06% 14.23% 14.13% 14.55%
Brazil 10.53% 12.2% 10.59% 8.12% 9.68% 8.41%

Second, an F-test for serial autocorrelation in the residuals is analyzed. As demonstrated

by the results in Table 5 for Switzerland and Table 6 for Brazil, the null hypothesis of no

serial correlation cannot be rejected for a large number of equations’ residuals. Regarding

the specificities of the test performed,

[i]t is the F-test of the familiar Lagrange Multiplier (LM) statistic (see Godfrey,

1978b, 1978a), also known as the ’modified LM’ statistic. The null hypothesis

is that rho, the autoregressive parameter on the residuals, equals 0 indicating

absence of serial autocorrelation. For higher order serial correlation, the null is

that all rho’s jointly are 0. The test is implemented as in Vanessa Smith’s and

Alessandra Galesi’s ”GVAR toolbox 2.0 User Guide”, page 129. (Böck et al. 2021,

p. 34)

Table 5: First order serial autocorrelation of cross-country residuals (F-test) for Switzerland

Model
p-values (1) (2) (3) (4) (5) (6)

>0.1 70 (60.87%) 75 (65.22%) 107 (60.11%) 119 (66.85%) 64 (46.38%) 74 (53.62%)
0.05-0.1 5 (4.35%) 9 (7.83%) 21 (11.8%) 15 (8.43%) 10 (7.25%) 10 (7.25%)
0.01-0.05 12 (10.43%) 10 (8.7%) 19 (10.67%) 22 (12.36%) 18 (13.04%) 15 (10.87%)

<0.01 28 (24.35%) 21 (18.26%) 31 (17.42%) 22 (12.36%) 46 (33.33%) 39 (28.26%)

One of the main advantages of using the SSVS prior is the possibility of calculating the

posterior inclusion probabilities (PIP). This indicator is used to evaluate the explanatory

power of particular variables. First, we explore the explanatory power of carry trade (NPt−1)7

in the models for Switzerland (7) and Brazil (8). For Switzerland, carry trade (NPt−1) is an
7Results for all variables in all models for Switzerland and Brazil are supplied in F.1 and F.1, respectively.

For the average, which includes all units, see G.
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Table 6: First order serial autocorrelation of cross-country residuals (F-test) for Brazil

Model
p-values (1) (3) (5) (6) (7) (8)

>0.1 88 (74.58%) 124 (68.51%) 106 (75.71%) 105 (75.54%) 117 (75.97%) 124 (80.52%)
0.05-0.1 8 (6.78%) 13 (7.18%) 5 (3.57%) 10 (7.19%) 9 (5.84%) 4 (2.6%)
0.01-0.05 10 (8.47%) 25 (13.81%) 8 (5.71%) 13 (9.35%) 10 (6.49%) 13 (8.44%)

<0.01 12 (10.17%) 19 (10.5%) 21 (15%) 11 (7.91%) 18 (11.69%) 13 (8.44%)

important explanatory for imports (M) and (EQ) in Model 5 with 0.54 and 0.81, respectively.

Regarding Brazil, a similar result is found. In addition, carry trade (NPt−1) is an important

variable to explain international reserves (RES) with 0.68 in Model 1.

Table 7: PIP with the explanatory power of carry trade (NPt−1), Switzerland

Model

Model GDP C GF CF X M RES IR ER EQ NP

(1) 0.22 0.07 0.03 0.20 0.31 0.39
(2) 0.32 0.12 0.04 0.20 0.22 0.18
(3) 0.13 0.20 0.17 0.24 0.11 0.04 0.23 0.37 0.30
(4) 0.19 0.19 0.14 0.18 0.15 0.03 0.26 0.23 0.20
(5) 0.36 0.54 0.10 0.03 0.20 0.81 1.00
(6) 0.26 0.30 0.07 0.04 0.25 0.30 1.00

Table 8: PIP with the explanatory power of carry trade (NPt−1), Brazil

Model

Model GDP C GF CF X M RES IR ER EQ NP IP

(1) 0.15 0.68 0.27 0.26 0.24 0.29
(3) 0.21 0.30 0.45 0.61 0.28 0.44 0.25 0.24 0.41
(5) 0.34 0.45 0.40 0.03 0.29 0.50 0.84
(6) 0.24 0.74 0.32 0.04 0.21 0.37 0.70
(7) 0.36 0.52 0.44 0.00 0.26 0.54 0.80 0.14
(8) 0.24 0.64 0.32 0.06 0.20 0.33 0.56 0.14

The importance of the NP ’s explanatory variables is shown by the results for Switzerland in

7 and Brazil in 8. In general, exchange rate (ER) is an important explanatory variable of

carry trade (NP ) for Switzerland and Brazil.

Lastly, other robustness checks are supplied in the Appendices. In D, there is the cross-unit

correlation of posterior median residuals. To ensure a reliable dynamic analysis, the cross-unit

correlation needs to be small (see Dees et al. (2007) for further details). Overall, correlation
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Table 9: PIP with the explanatory variables of carry trade (NP ), Switzerland

Model

Variable (1) (2) (3) (4) (5) (6)

GDPt−1 0.09 0.13
Ct−1 0.09 0.12

GF CFt−1 0.27 0.16
Xt−1 0.36 0.39 0.26 0.41
Mt−1 0.41 0.47 0.20 0.40

RESt−1 0.20 0.22 0.20 0.25 0.22 0.17
IRt−1 0.21 0.14 0.17 0.16 0.20 0.28
ERt−1 0.23 0.24 0.26 0.21 0.48 0.46
EQt−1 0.17 0.26 0.17 0.18 0.16 0.38
NPt−1 0.39 0.18 0.30 0.20 1.00 1.00

Table 10: PIP with the explanatory variables of carry trade (NP ), Brazil

Model

Variable (1) (3) (5) (6) (7) (8)

GDPt−1 0.14
Ct−1 0.11

GF CFt−1 0.12
Xt−1 0.27 0.22 0.18 0.20 0.20
Mt−1 0.28 0.34 0.22 0.26 0.18

RESt−1 0.14 0.24 0.22 1.00 0.23 1.00
IRt−1 0.26 0.26 0.35 0.30 0.30 0.23
ERt−1 0.19 0.13 0.64 0.98 0.69 0.94
EQt−1 0.42 0.39 0.20 0.25 0.22 0.22
NPt−1 0.29 0.41 0.84 0.70 0.80 0.56
IPt−1 0.27 0.32

is negligible in all models. Results for the in-sample fit follow reasonably well the actual

data, as shown in E. The enhanced model fitness derives from the high-dimensionality of the

BGVAR model, which is also a very adaptive model.

3 Carry trade (NP ) effects on the domestic economy

The BGVAR model allows dynamic analysis of the real economy effects of the carry trade

in a global model. Moreover, the time profile of these effects is investigated. Domestic and

international transmissions of the carry trade structural shocks are analyzed by controlling

global factors. Specifically, two shocks are examined. First, for Switzerland, a decrease in the

carry trade variable is associated with an increase in the short positions over long positions.
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In this sense, the funding role of the Swiss franc is augmented. In other words, there is more

carry trade activity funded by borrowing Swiss francs. Second, for Brazil, a positive carry

trade structural shock is estimated. With NP > 0, long positions outstand short positions. A

build-up in long positions characterizes target currencies. Accordingly, both innovations are

scaled to -0.5 and 0.5 for Switzerland and Brazil, respectively, in this exercise.8 Consequently,

the expected movement in the exchange rate derived from both shocks is a depreciation of

the Swiss franc and an appreciation of the Brazilian real relative to the U.S. dollar.

The identification of the structural shocks is done by analyzing the generalized impulse

response functions (GIRFs), as developed by H. H. Pesaran and Shin (1998). Dees et al.

(2007, p. 21) points out that “the GIRF is invariant to the ordering of the variables and the

countries in the GVAR model, which is clearly an important consideration.” As detailed by

Chudik and Pesaran (2016, p. 176), “[t]he GIRF approach does not aim at identification

of shocks according to some canonical system or a priori economic theory, but considers

a counterfactual exercise where the historical correlations of shocks are assumed as given.”

Likewise, the generalized forecast error variance decomposition (GFEVD) developed by Lanne

and Nyberg (2016) is computed to verify “the amount of information each variable contributes

to the other variables in the autoregression.” (Böck, Feldkircher, and Huber 2020, p. 16)

Results for the GFEVD estimations are presented and discussed in J.

By implementing the BGVAR with the GIRF identification, the results of the carry trade

shocks for Switzerland and Brazil are explored in subsections 3.1 and 3.2, respectively.9 Each

subsection presents a summary of the results (see Table 12 for Switzerland and Table 12 for

Brazil).

3.1 Results for Switzerland

An increase in the Swiss franc short positions with futures is the synthetic equivalent of an

increase in the borrowing in CHF. This is in line with Brunnermeier, Nagel, and Pedersen

(2008, p. 320), when referring to the Japanese yen (JPY):

8The carry trade (NP ) variable ranges from 1 to -1.
9Results for IR are available in I.
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Carry traders, however, do not necessarily take positions relative to the USD

[U.S. dollar]. For example, to exploit the high interest rates in AUD [Australian

dollar] and the low interest rates in JPY [Japanese yen] in recent years, carry

traders may have taken a long position in AUD, financed by borrowing in JPY (or

the synthetic equivalent of this position with futures or OTC [over-the-counter]

currency forwards).

Results for the negative carry trade (NP ) shock (scale equal to -0.5) are summarized in Table

11. In H.1, Figures A.13 (Models 1 and 2), A.14 (Models 3 and 4) and A.13 (Models 5 and 6)

illustrate these results.

Table 11: Results summary for Switzerland

Model

Quarterly Monthly

Variable Definition (1)† (2)‡ (3)† (4)‡ (5)† (6)‡

GDP Gross domestic product ◦ ↓

C Final consumption expenditure ◦ ⇓

GFCF Gross fixed capital formation ◦ ↓

X Exports of goods and services ◦ ◦ ⇓ ⇓

M Imports of goods and services ◦ ◦ ⇓ ⇓

RES International reserves ◦ ⇓ ↓ ⇓ ⇓ ⇓

ER Nominal exchange rate ⇑ ⇑ ⇑ ⇑ ⇑ ⇑

EQ Equity (share) prices ◦ ◦ ◦ ◦ ⇓ ↑

Notes: See Figures A.19 and A.20 in I for the responses of policy interest rates (IR), which

do not present any statistical significant result.

Symbols: † (V IX), ‡ (GCF ), ⇑/⇓ (increase/decrease, statistically significant), ↑/↓ (in-

crease/deacrease, partially statistically significant), and ◦ (not statistically significant).

In the current situation of a negative policy rate in Switzerland, increased activity of the Swiss
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franc as a funding currency is very plausible. Followed by this increase in short positions,

results show the Swiss franc depreciation relative to the U.S. dollar in all models. This

confirms the expected exchange rate movement of the funding currency in a carry trade

strategy. In my opinion, the CFTC data proxies these expectations, implying that the

obtained results provide evidence of the UIP failure. In other words, the expected exchange

rate in the futures market impacts spot rates (ER).

Consequently, higher speculation (i.e., carry trade) provokes negative spillovers on the Swiss

real economy, crowding out real investment. As demonstrated by the results, an increased

carry trade activity with the Swiss franc as a funding currency leads to a negative impact

in gross domestic product (GDP ), consumption (C), investment (GFCF ), exports (X),

imports (M), and international reserves (RES). In addition, there is a mixed result for the

impact on the Swiss stock market index. On the one hand, the ability of hedge funds to

effectively influence asset prices found follows the results for the Japanese yen carry trade

in Fong (2013). On the other hand, there is partial evidence for higher share prices after

the innovation, perhaps in a portfolio approach (safe currency role). Overall, the statistical

significance of the results is variant to the model specification. Furthermore, the scale of the

impact is economically small. More importantly, there is evidence of the existence of the

effects of carry trade on the real economy.

3.2 Results for Brazil

For Brazil, the results summary for the positive carry trade (NP ) shock (scale at 0.5) is

given by Table 11. Illustrations of these results are supplied by Figures A.16 (Models 1 and

3), A.17 (Models 5 and 6) and A.18 (Models 7 and 8) in H.1.1.

Following the carry trade activity increase with the Brazilian real as a target currency,

the exchange rate (ER) responds negatively. Carry traders expect an appreciation of the

Brazilian real relative to the U.S. dollar in a carry trade strategy. Indeed, results are similar

to the Swiss franc behavior with evidence for the UIP invalidity. Nonetheless, there is partial

evidence for a depreciation of the Brazilian real in the long-term in Model 3.
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Table 12: Results summary for Brazil

Model
Quarterly Monthly

Variable Definition (1)† (3)† (5)† (6)‡ (7)† (8)‡

GDP Gross domestic product ◦
C Final consumption expenditure ◦

GFCF Gross fixed capital formation ◦
X Exports of goods and services ◦ ◦ ↑ ◦ ◦
M Imports of goods and services ↓ ↓ ↓ ↓ ↓
RES International reserves ⇑ ◦ ⇑ ⇑ ⇑ ⇑
ER Nominal exchange rate ↓ ⇓ST , ↑LT ↓ ◦ ◦ ↓
EQ Equity (share) prices ◦ ◦ ◦ ◦ ◦ ◦
IP Industrial production ◦ ↑

Notes: See Figures A.21 and A.22 in I for the responses of policy interest rates (IR), which do not
present any statistical significant result.
Symbols: † (V IX), ‡ (GCF ), ⇑/⇓ (increase/decrease, statistically significant), ↑/↓ (in-
crease/deacrease, partially statistically significant), ◦ (not statistically significant), and ST /LT

(short- and long-term).

Following the same mechanism presented for Switzerland, carry trade effects on the real

economy start in the exchange rate channel. After the positive carry trade shock, there is

no statistically significant result for the gross domestic product (GDP ), consumption (C),

and investment (GFCF ). Surprisingly, although as a partial result, there is an increase

in industrial production followed by this innovation. The same holds for exports (X) and

imports (M), where partially statistically significant results are found. Contrarily to the

expected impact of the exchange rate channel, the former increases while the latter decreases

with a higher carry trade (NP ) activity. Going beyond the results’ analysis, speculative

currency activity in Brazilian real may seem better than the lack of speculation. In other

words, when international investors distance themselves from Brazil, it may be worse for the

Brazilian economy than these speculators’ presence. Solutions for this conundrum require

political will.

More critically, international reserves increase after the carry trade (NP ) shock. These results

highlight the use of sterilization operations by the Brazilian Central Bank to contain the

negative spillovers of carry trade on the domestic economy. Going beyond the results, there is
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evidence of the Brazilian “financial integration and its subordinated nature.” (Kaltenbrunner

and Painceira 2018, p. 297). In the same vein,

Rather than letting this excess [of capital flows] be absorbed in the domestic

economy, ECE [emerging capitalist economies] central banks have accumulated a

‘war-chest’ of foreign exchange reserves. First, the unprecedented and massive

wave of capital inflows relative to the size of domestic financial markets created

unsustainable pressures on domestic liquidity, asset prices, and the exchange rate.

Reserve accumulation (and consequent sterilisation operations) sought to contain

these. Second, as discussed in the second section, being at the lower rungs of the

international monetary hierarchy means that ECEs have to be prepared to face

large and sudden flights into currencies with higher liquidity premia (or into world

money), frequently unrelated to economic conditions. Reserve accumulation is

a necessary precaution to satisfy this demand and avoid an excessive impact on

the domestic economy (for an analysis of the demand for reserves from a Post

Keynesian perspective, see, e.g. Carvalho (2009)). (Kaltenbrunner and Painceira

2018, p. 297)

This is in line with Bresser-Pereira, Paula, and Bruno (2020, p. 11):

Specifically, the subordinated financial integration shapes the relationships be-

tween agents and the financial markets through carry-trade operations that exploit

the interest-rate spreads that stem from Brazil’s domestic interest rates that are

very high compared with those in developed economies (such as the US federal

funds rates). The connection with the Brazilian economy’s financialization takes

place via the international reserves accumulation policy and the Central Bank’s

intensive use of repo operations (“operações compromissadas” in Portuguese) to

calibrate liquidity in the banking reserves market.

The international monetary system’s power relations are key to understanding the carry trade

within the political economy approach. The U.S. monetary policy is much more powerful than
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any other globally. As highlighted by Miranda-Agrippino and Rey (2021, p. 45), “as long as

capital flows across borders are free, and macroprudential tools or capital controls are not

used, monetary conditions in any country, even those with flexible exchange rates, are partly

dictated by the monetary policy of the hegemon (the US).” Breitenlechner, Georgiadis, and

Schumann (2021, p. 27) demonstrate that “US monetary policy internalises through spillbacks

only some of the spillovers it emits to the rest of the world.” These monetary spillovers are not

exclusive to developed countries. Cavaca and Meurer (2021, p. 753) emphasize “that regional

interactions could be even stronger than U.S. monetary shocks, which show the importance

of following the spread not only of the U.S. monetary policy, but also policies originating

from other South American countries.” More importantly, for Bernoth and Herwartz (2021, p.

14), “[t]o regain more monetary autonomy in the process of globalization, it appears effective

to establish policies that support a further reduction of a country’s net foreign currency

exposure.” Musthaq (2021, p. 15) goes in the same direction:

Policies in core economies and innovations in financial markets only serve to

increase the vulnerability of the global financial system to liquidity crunches,

which reinforce the need for ECE [emerging capitalist economies] central banks to

act as market makers and embed their balance sheets in forex and bond markets

to ensure the smooth functioning of the financial system.

4 Main conclusions and policy implications

In a novel approach to the investigation of the carry trade, this paper contributes to the

literature in two main directions. First, the carry trade effects on the real economy are

estimated with a BGVAR model. Second, a political economy approach is proposed to

investigate further the impacts of the carry trade on the real economy. In general, due to the

invalidity of the UIP, carry trade proves its existence by being profitable. More importantly,

the paramount result is the carry trade negative impact on the real economy.

Within the current international monetary system, which imposes a currency hierarchy, carry

trade presents a new puzzle for central banks from both developing and developed countries.
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In the present state of affairs, capital controls and increased international reserves may not

be the best policies to tame the negative effects of the carry trade. A new international

architecture supporting capital controls is imperative in conjunction with wider international

cooperation among central banks. Grabel (2018, p. 193) is precise:

The pressing policy challenge today [. . . ] is to construct regimes that expand

national policy autonomy to use capital controls while managing cross-border

spillover effects. This certainly suggests abandoning or, at the very least, rene-

gotiating the restrictions on capital controls in existing and pending bilateral

and multilateral trade and investment agreements. It also suggests the need to

develop global and/or regional frameworks for burden sharing and regional and

international cooperation in the case of spillover effects.

Regarding the empirical results, a specific carry shock is examined for Switzerland and

Brazil, considering the specificities of their currency. Switzerland’s carry trade shock is

negative considering the Swiss franc as a funding currency. In the Brazilian case with its

target currency, the positive carry trade shock increases the net positions (long minus short).

In general, results show evidence supporting the hypothesis of a negative impact of the

carry trade on the real economy. Nevertheless, the models’ outcomes are variant to the

model specification, notably the frequency used. Most importantly, the paper adds new

empirical results to the literature that investigates the relationship between financialization

and investment. In the survey of the empirical literature published by Davis (2017), there is

no mention of the carry trade activity. Results presented here find evidence of crowding out.

Furthermore, another contribution of the political economy approach to investigate the carry

trade is related to the importance of the central bank’s social responsibility (CBSR). A central

bank needs to support “the global development (monetary, economic and social) of the society

that is accountable for” (Vallet 2020, p. 164). By letting carry trade freely implemented all

around, central banks may be going against this global development. Notably, Vallet (2021, p.

35) highlights that the CBSR “is a buoyant issue with respect to the forthcoming challenges

of societies: financial instability, climate change, increasing social inequalities, and so forth.”
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In the context of the carry trade, central banks seem to be extending the “sabotage in the

financial system” (Nesvetailova and Palan 2020). Therefore, enhanced global governance is

needed to support central banks’ actions. Solutions to this complex problem require political

will, which is not an option for countries with peripheral currencies. This reinforces the need

for the political economy to understand the carry trade.

Finally, central banks could follow the procedures implemented by the CFTC to identify

non-commercial traders. Better data would enhance our understanding of the carry trade.

Regarding future research on the carry trade effects, the estimated BGVAR model could

use sign restrictions identification. Additionally, the use of other variables to proxy the

real economy is needed (e.g., unemployment rate). Similarly, groups of funding and target

currencies could be investigated together. Last but not least, the model could be estimated

using the monthly GDP gap published by the OECD to investigate the role of forward

guidance in monetary policy.

22



References

Bernoth, Kerstin, and Helmut Herwartz. 2021. “Exchange Rates, Foreign Currency Exposure

and Sovereign Risk.” Journal of International Money and Finance 117 (October): 102454.

https://doi.org/10.1016/j.jimonfin.2021.102454.

Böck, Maximilian, Martin Feldkircher, and Florian Huber. 2020. “BGVAR: Bayesian

Global Vector Autoregressions with Shrinkage Priors in R.” Working paper. https:

//www.dallasfed.org/~/media/documents/institute/wpapers/2020/0395.pdf.

———. 2021. “BGVAR: Bayesian Global Vector Autoregressions.” 2021. http://feldkircher.

gzpace.net/pages/bgvar.html.

———. 2022. “BGVAR: Bayesian Global Vector Autoregressions with Shrinkage Priors in r.”

Journal of Statistical Software 104 (9): 1–28.

Böck, Maximilian, Martin Feldkircher, Florian Huber, and Darjus Hosszejni. 2021. BGVAR:

Bayesian Global Vector Autoregressions (version 2.4.0). https://CRAN.R-project.org/

package=BGVAR.

Breitenlechner, Max, Georgios Georgiadis, and Ben Schumann. 2021. “What Goes Around

Comes Around: How Large Are Spillbacks from US Monetary Policy?” Working Paper

2021-05. University of Innsbruck - Working Papers in Economics and Statistics. https:

//www2.uibk.ac.at/downloads/c4041030/wpaper/2021-05.pdf.

Bresser-Pereira, Luiz Carlos, Luiz Fernando de Paula, and Miguel Bruno. 2020. “Finan-

cialization, Coalition of Interests and Interest Rate in Brazil.” Revue de La Régulation.

Capitalisme, Institutions, Pouvoirs, no. 27.

Brunnermeier, Markus K., Stefan Nagel, and Lasse H. Pedersen. 2008. “Carry Trades and

Currency Crashes.” NBER Macroeconomics Annual 23 (January): 313–48.

Carvalho, Fernando J. C. 2009. “The Accumulation of International Reserves as a Defense

Strategy.” Initiative for Policy Dialogue Working Paper Series.

Cavaca, Igor Bastos, and Roberto Meurer. 2021. “International Monetary Policy Spillovers:

Linkages Between U.S. And South American Yield Curves.” International Review of

Economics & Finance 76: 737–54.

Chudik, Alexander, and M. Hashem Pesaran. 2016. “Theory and Practice of Gvar Modelling.”

23

https://doi.org/10.1016/j.jimonfin.2021.102454
https://www.dallasfed.org/~/media/documents/institute/wpapers/2020/0395.pdf
https://www.dallasfed.org/~/media/documents/institute/wpapers/2020/0395.pdf
http://feldkircher.gzpace.net/pages/bgvar.html
http://feldkircher.gzpace.net/pages/bgvar.html
https://CRAN.R-project.org/package=BGVAR
https://CRAN.R-project.org/package=BGVAR
https://www2.uibk.ac.at/downloads/c4041030/wpaper/2021-05.pdf
https://www2.uibk.ac.at/downloads/c4041030/wpaper/2021-05.pdf


Journal of Economic Surveys 30 (1): 165–97.

Cohen, Benjamin J. 1998. The Geography of Money. Cornell University Press.

Commodity Futures Trading Commission. 2021. “Traders in Financial Futures Ex-

planatory Notes.” 2021. https://www.cftc.gov/sites/default/files/idc/groups/public/

@commitmentsoftraders/documents/file/tfmexplanatorynotes.pdf.

Cuaresma, Jesús Crespo, Martin Feldkircher, and Florian Huber. 2016. “Forecasting

with Global Vector Autoregressive Models: A Bayesian Approach.” Journal of Applied

Econometrics 31 (7): 1371–91.

Davis, Leila E. 2017. “Financialization and Investment: A Survey of the Empirical Literature.”

Journal of Economic Surveys 31 (5): 1332–58. https://doi.org/10.1111/joes.12242.

De Conti, Bruno Martarello, Daniela Magalhães Prates, and Dominique Plihon. 2013. “O

Sistema Monetário Internacional e Seu Caráter Hierarquizado.” In As Transformações No

Sistema Monetário Internacional, edited by Marcos Antônio Marcelo Cintra and Aline

Regina Alve Martins, 23–84. Brasília: Ipea.

De Paula, Luiz Fernando, Barbara Fritz, and Daniela M. Prates. 2017. “Keynes at the Pe-

riphery: Currency Hierarchy and Challenges for Economic Policy in Emerging Economies.”

Journal of Post Keynesian Economics 40 (2): 183–202.

Dees, Stephane, Filippo di Mauro, M. Hashem Pesaran, and L. Vanessa Smith. 2007.

“Exploring the International Linkages of the Euro Area: A Global VAR Analysis.” Journal

of Applied Econometrics 22 (1): 1–38.

Dovern, Jonas, Martin Feldkircher, and Florian Huber. 2016. “Does Joint Modelling of the

World Economy Pay Off? Evaluating Global Forecasts from a Bayesian GVAR.” Journal

of Economic Dynamics and Control 70: 86–100.

Eickmeier, Sandra, and Tim Ng. 2015. “How Do US Credit Supply Shocks Propagate

Internationally? A GVAR Approach.” European Economic Review 74: 128–45.

Fama, Eugene F. 1984. “Forward and Spot Exchange Rates.” Journal of Monetary Economics,

Journal of Monetary Economics, 14 (3): 319–38.

Feldkircher, Martin, Thomas Gruber, and Florian Huber. 2020. “International Effects of a

Compression of Euro Area Yield Curves.” Journal of Banking & Finance 113: 105533.

Feldkircher, Martin, and Florian Huber. 2016. “The International Transmission of US

24

https://www.cftc.gov/sites/default/files/idc/groups/public/@commitmentsoftraders/documents/file/tfmexplanatorynotes.pdf
https://www.cftc.gov/sites/default/files/idc/groups/public/@commitmentsoftraders/documents/file/tfmexplanatorynotes.pdf
https://doi.org/10.1111/joes.12242


Shocks—Evidence from Bayesian Global Vector Autoregressions.” European Economic

Review 81: 167–88.

Fong, Wai Mun. 2013. “Footprints in the Market: Hedge Funds and the Carry Trade.”

Journal of International Money and Finance 33: 41–59.

Frankel, Jeffrey. 2008. “Carried Away: Everything You Always Wanted to Know about the

Carry Trade, and Perhaps Much More.” Milken Institute Review 10 (1): 38.

Fritz, Barbara, Luiz Fernando De Paula, and Daniela Magalhães Prates. 2018. “Global

Currency Hierarchy and National Policy Space: A Framework for Peripheral Economies.”

European Journal of Economics and Economic Policies: Intervention 15 (2): 208–18.

Gaulard, Mylène. 2012. “The" Hot Money" Phenomenon in Brazil.” Brazilian Journal of

Political Economy 32 (3): 367–88.

George, Edward I., and Robert E. McCulloch. 1993. “Variable Selection via Gibbs Sampling.”

Journal of the American Statistical Association 88 (423): 881–89.

George, Edward I., Dongchu Sun, and Shawn Ni. 2008. “Bayesian Stochastic Search for VAR

Model Restrictions.” Journal of Econometrics 142 (1): 553–80.

Georgiadis, Georgios. 2015. “Examining Asymmetries in the Transmission of Monetary Policy

in the Euro Area: Evidence from a Mixed Cross-Section Global VAR Model.” European

Economic Review 75: 195–215.

Geweke, John. 1992. “Evaluating the Accuracy of Sampling-Based Approaches to the

Calculations of Posterior Moments.” In Bayesian Statistics, edited by J Bernardo, J

Berger, A Dawid, and A Smith, 641–49. Clarendon Press.

Godfrey, L. G. 1978a. “Testing Against General Autoregressive and Moving Average Error

Models When the Regressors Include Lagged Dependent Variables.” Econometrica 46 (6):

1293–1301.

———. 1978b. “Testing for Higher Order Serial Correlation in Regression Equations When

the Regressors Include Lagged Dependent Variables.” Econometrica 46 (6): 1303–10.

Grabel, Ilene. 2018. When Things Don’t Fall Apart: Global Financial Governance and

Developmental Finance in an Age of Productive Incoherence. MIT Press.

Huber, Florian. 2016. “Density Forecasting Using Bayesian Global Vector Autoregressions

with Stochastic Volatility.” International Journal of Forecasting 32 (3): 818–37. https:

25

https://doi.org/10.1016/j.ijforecast.2015.12.008
https://doi.org/10.1016/j.ijforecast.2015.12.008


//doi.org/10.1016/j.ijforecast.2015.12.008.

Huber, Florian, and Martin Feldkircher. 2019. “Adaptive Shrinkage in Bayesian Vector

Autoregressive Models.” Journal of Business & Economic Statistics 37 (1): 27–39.

Kaltenbrunner, Annina, and Juan Pablo Painceira. 2018. “Subordinated Financial Integration

and Financialisation in Emerging Capitalist Economies: The Brazilian Experience.” New

Political Economy 23 (3): 290–313.

Kastner, Gregor. 2016. “Dealing with Stochastic Volatility in Time Series Using the R

Package Stochvol.” Journal of Statistical Software 69 (February): 1–30.

Klitgaard, Thomas, and Laura Weir. 2004. “Exchange Rate Changes and Net Positions of

Speculators in the Futures Market.” Economic Policy Review, 17–28.

Koop, Gary, and Dimitris Korobilis. 2010. Bayesian Multivariate Time Series Methods for

Empirical Macroeconomics. Now Publishers Inc.

Lanne, Markku, and Henri Nyberg. 2016. “Generalized Forecast Error Variance Decomposi-

tion for Linear and Nonlinear Multivariate Models.” Oxford Bulletin of Economics and

Statistics 78 (4): 595–603.

Litterman, Robert B. 1986. “Forecasting With Bayesian Vector Autoregressions—Five Years

of Experience.” Journal of Business & Economic Statistics 4 (1): 25–38.

May, Christopher. 1996. “Strange Fruit: Susan Strange’s Theory of Structural Power in the

International Political Economy.” Global Society 10 (2): 167–89.

Miranda-Agrippino, Silvia. 2021. “GFC Data.” Silvia Miranda-Agrippino. 2021. http:

//silviamirandaagrippino.com/s/GFC-Factor-Updates.xlsx.

Miranda-Agrippino, Silvia, and Helene Rey. 2021. “The Global Financial Cycle.” Edited

by Gita Gopinath, Elhanan Helpman, and Kenneth Rogoff. http://www.helenerey.eu/

Content/_Documents/MirandaAgrippino_Rey_Handbook.pdf.

Mohaddes, Kamiar, and Mehdi Raissi. 2019. “The US Oil Supply Revolution and the Global

Economy.” Empirical Economics 57 (5): 1515–46.

Musthaq, Fathimath. 2021. “Unconventional Central Banking and the Politics of Liquidity.”

Review of International Political Economy 0 (0): 1–26.

Nesvetailova, Anastasia, and Ronen Palan. 2020. Sabotage: The Business of Finance.

Penguin UK.

26

https://doi.org/10.1016/j.ijforecast.2015.12.008
https://doi.org/10.1016/j.ijforecast.2015.12.008
http://silviamirandaagrippino.com/s/GFC-Factor-Updates.xlsx
http://silviamirandaagrippino.com/s/GFC-Factor-Updates.xlsx
http://www.helenerey.eu/Content/_Documents/MirandaAgrippino_Rey_Handbook.pdf
http://www.helenerey.eu/Content/_Documents/MirandaAgrippino_Rey_Handbook.pdf


Pesaran, H. Hashem, and Yongcheol Shin. 1998. “Generalized Impulse Response Analysis in

Linear Multivariate Models.” Economics Letters 58 (1): 17–29.

Pesaran, M. Hashem, Til Schuermann, and Scott M Weiner. 2004. “Modeling Regional

Interdependencies Using a Global Error-Correcting Macroeconometric Model.” Journal of

Business & Economic Statistics 22 (2): 129–62.

Primiceri, Giorgio E. 2005. “Time Varying Structural Vector Autoregressions and Monetary

Policy.” The Review of Economic Studies 72 (3): 821–52.

Schoenmaker, Dirk. 2011. “The Financial Trilemma.” Economics Letters 111 (1): 57–59.

Sims, Christopher A., and Tao Zha. 2006. “Were There Regime Switches in U.S. Mon-

etary Policy?” American Economic Review 96 (1): 54–81. https://doi.org/10.1257/

000282806776157678.

Strange, Susan. 1994. “Wake up, Krasner! The World Has Changed.” Review of International

Political Economy 1 (2): 209–19.

Vallet, Guillaume. 2020. “Gender Diversity as a Tool to Make Central Banks Progressive

Institutions: The Case of the Central Bank of Ecuador.” In The Political Economy of

Central Banking in Emerging Economies, edited by Mustafa Yağci, 151–67. Routledge.

———. 2021. “Great Power, Great Responsibility: Addressing the Underestimated Issue of

Central Bank’s Social Responsibility.” Journal of Central Banking Theory and Practice

10 (3): 23–39.

World Bank. 2021. “GDP (Current US$) | Data.” 2021. https://data.worldbank.org/

indicator/NY.GDP.MKTP.CD.

27

https://doi.org/10.1257/000282806776157678
https://doi.org/10.1257/000282806776157678
https://data.worldbank.org/indicator/NY.GDP.MKTP.CD
https://data.worldbank.org/indicator/NY.GDP.MKTP.CD


Appendices

A Data details

Table A.1 presents the full details on the data collection employed in this research. Variables

are separated by period levels. The procedure implemented to gather data in different

frequency follows the end-period approach. For example, NP is obtained in weekly levels. In

order to use it in the models with quarterly data, the last available observation of the quarter

is gathered. Likewise, in an example of the month data, the last input of IR in each month

is considered.
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Table A.1: Detailed data description

Variable Definition Measure Series code Source

Quarterly levels
GDP Gross domestic product (expenditure approach)* B1_GE

C Final consumption expenditure* P3
GFCF Gross fixed capital formation* P51

X Exports of goods and services* P6
M Imports of goods and services*

National currency, current prices,
s.a. (CQRSA)

P7

OECD/QNA

RES
Official reserve assets and other foreign currency
assets*

US Dollars, monetary authorities
(S1X) RAF_USD OECD/MEI_FIN

Monthly levels

EQ
Leading indicators OECD, component series, share
prices, original series* Index 2015 = 100, s.a. SP IMF/IRFCL

X Exports of goods and services* XTEXVA01
M Imports of goods and services* US Dollars, s.a. (CXMLSA) XTIMVA01 OECD/MEI

IP Production, total industry excluding construction Index 2015 = 100, s.a.
(IXOBSA) PRINTO01 OECD/MEI

GCF
Global common factor estimated from world-wide
cross section of risky asset prices Standardized unit Global factor, new

datalist
Miranda-Agrippino

(2021)
Weekly levels

NP
Net (long minus short) positions as a share of open
interest contracts (carry trade proxy)

Number of contracts of futures
and options, leveraged funds

CFTC code for
each currency† CFTC/COT-TFF

Daily levels
IR Central bank policy rates Percent (%) CBPOL†

ER Nominal exchange rates* US dollar exchange rates XRUSD† BIS

EQ Share prices* Index 2015 = 100 SP OECD/MEI_FIN
V IX CBOE Volatility Index - VIX (VIXCLS)* Index VIXCLS FRED

Abbreviations: Seasonally adjusted (s.a.); Quarterly National Accounts (QNA); International Reserves and Foreign Currency Liquidity (IRFCL);
Monetary and Financial Statistics (MEI_FIN); Main Economic Indicators (MEI); Commitments of Traders (COT), Traders in Financial Futures
(TFF) report.
∗ Variables in logarithmic transform.
† See Table A.2 for the list of codes.
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Table A.2: Specific codes for IR, ER and NP

Country IR ER NP

Australia D:AU D:AU:AUD:A Australian dollar (232741)
Brazil D:BR D:BR:BRL:A Brazilian real (102741)
Canada D:CA D:CA:CAD:A Canadian dollar (090741)
China D:CN D:CN:CNY:A
Czech Republic D:CZ D:CZ:CZK:A
Denmark D:DK D:DK:DKK:A
Euro area D:XM D:XM:EUR:A Euro (099741)
Hungary D:HU D:HU:HUF:A
India D:IN D:IN:INR:A
Japan D:JP D:JP:JPY:A Japanese yen (097741)
Korea D:KR D:KR:KRW:A
Mexico D:MX D:MX:MXN:A Mexican peso (095741)
New Zealand D:NZ D:NZ:NZD:A New Zealand dollar (112741)
Norway D:NO D:NO:NOK:A
Poland D:PL D:PL:PLN:A
Russia D:RU D:RU:RUB:A Russian ruble (089741)
South Africa D:ZA D:ZA:ZAR:A
Sweden D:SE D:SE:SEK:A
Switzerland D:CH D:CH:CHF:A Swiss franc (092741)
Turkey D:TR D:TR:TRY:A
United Kingdom D:GB D:GB:GBP:A British pound sterling (096742)
United States D:US U.S. dollar index, ICE Futures U.S. (098662)
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B Trade weight matrix

Table A.3: Trade weight matrix for Switzerland, Models 1 and 3

AU BR CA CH CN CZ DK GB HU IN JP KR MX NO NZ PL RU SE TR U2 US ZA

AU 0.000 0.005 0.010 0.010 0.349 0.002 0.004 0.038 0.001 0.041 0.166 0.076 0.007 0.001 0.042 0.002 0.003 0.007 0.004 0.117 0.106 0.007
BR 0.007 0.000 0.020 0.016 0.269 0.002 0.004 0.024 0.002 0.029 0.044 0.039 0.032 0.006 0.001 0.004 0.022 0.008 0.008 0.252 0.206 0.008
CA 0.004 0.007 0.000 0.006 0.084 0.001 0.002 0.028 0.001 0.007 0.029 0.013 0.037 0.006 0.001 0.002 0.003 0.003 0.003 0.070 0.691 0.002
CH 0.008 0.008 0.011 0.000 0.062 0.009 0.005 0.085 0.005 0.036 0.026 0.008 0.006 0.003 0.001 0.009 0.010 0.008 0.013 0.564 0.116 0.006
CN 0.054 0.037 0.023 0.013 0.000 0.005 0.005 0.032 0.004 0.033 0.141 0.117 0.019 0.003 0.005 0.008 0.037 0.006 0.009 0.201 0.229 0.018
CZ 0.002 0.002 0.002 0.013 0.044 0.000 0.009 0.040 0.030 0.004 0.009 0.008 0.003 0.003 0.000 0.077 0.032 0.014 0.009 0.680 0.020 0.002
DK 0.006 0.006 0.007 0.009 0.055 0.013 0.000 0.069 0.008 0.007 0.014 0.009 0.003 0.067 0.001 0.034 0.015 0.138 0.010 0.469 0.058 0.003
GB 0.013 0.007 0.022 0.039 0.081 0.010 0.012 0.000 0.006 0.016 0.021 0.011 0.004 0.034 0.002 0.018 0.017 0.020 0.017 0.513 0.123 0.013
HU 0.002 0.002 0.002 0.009 0.050 0.047 0.008 0.034 0.000 0.004 0.012 0.013 0.005 0.001 0.000 0.052 0.048 0.012 0.014 0.659 0.024 0.002
IN 0.041 0.023 0.015 0.062 0.205 0.003 0.004 0.042 0.002 0.000 0.045 0.050 0.015 0.004 0.003 0.005 0.020 0.007 0.016 0.219 0.187 0.032
JP 0.063 0.014 0.022 0.013 0.320 0.003 0.003 0.022 0.003 0.016 0.000 0.091 0.016 0.003 0.005 0.003 0.026 0.004 0.003 0.134 0.225 0.010
KR 0.044 0.017 0.015 0.005 0.341 0.004 0.003 0.017 0.004 0.028 0.136 0.000 0.020 0.007 0.004 0.007 0.030 0.004 0.009 0.125 0.174 0.005
MX 0.002 0.013 0.030 0.004 0.099 0.002 0.001 0.007 0.002 0.009 0.030 0.025 0.000 0.000 0.001 0.001 0.002 0.002 0.001 0.077 0.692 0.001
NO 0.002 0.009 0.020 0.008 0.054 0.008 0.050 0.181 0.002 0.004 0.016 0.018 0.002 0.000 0.000 0.024 0.013 0.096 0.008 0.425 0.056 0.002
NZ 0.223 0.003 0.017 0.006 0.243 0.002 0.006 0.040 0.001 0.016 0.093 0.048 0.009 0.002 0.000 0.002 0.008 0.005 0.003 0.130 0.137 0.005
PL 0.002 0.003 0.003 0.007 0.043 0.056 0.017 0.048 0.025 0.004 0.006 0.010 0.002 0.013 0.000 0.000 0.067 0.028 0.012 0.628 0.022 0.002
RU 0.002 0.011 0.004 0.019 0.159 0.016 0.007 0.035 0.016 0.017 0.046 0.042 0.003 0.004 0.001 0.041 0.000 0.012 0.050 0.464 0.050 0.002
SE 0.008 0.006 0.006 0.010 0.047 0.011 0.081 0.066 0.007 0.008 0.014 0.008 0.003 0.101 0.001 0.034 0.029 0.000 0.010 0.488 0.055 0.005
TR 0.006 0.011 0.009 0.028 0.096 0.012 0.007 0.063 0.009 0.024 0.017 0.026 0.004 0.005 0.001 0.022 0.114 0.013 0.000 0.448 0.077 0.008
U2 0.011 0.020 0.014 0.071 0.129 0.055 0.025 0.146 0.033 0.020 0.034 0.022 0.015 0.024 0.002 0.070 0.070 0.043 0.034 0.000 0.149 0.012
US 0.012 0.022 0.201 0.019 0.185 0.002 0.004 0.038 0.002 0.022 0.070 0.037 0.169 0.003 0.002 0.003 0.011 0.005 0.006 0.181 0.000 0.005
ZA 0.019 0.018 0.009 0.022 0.201 0.007 0.004 0.064 0.004 0.061 0.081 0.026 0.007 0.003 0.002 0.008 0.006 0.013 0.009 0.317 0.118 0.000

Table A.4: Trade weight matrix for Switzerland, Models 2 and 4

AU BR CA CH CN CZ DK GB HU IN JP KR MX NO NZ PL RU SE TR U2 US ZA

AU 0.000 0.005 0.010 0.010 0.329 0.002 0.004 0.038 0.001 0.042 0.175 0.078 0.007 0.002 0.044 0.002 0.004 0.008 0.004 0.120 0.108 0.008
BR 0.007 0.000 0.020 0.016 0.247 0.002 0.004 0.025 0.002 0.030 0.046 0.040 0.032 0.006 0.001 0.004 0.023 0.008 0.007 0.264 0.209 0.009
CA 0.004 0.007 0.000 0.006 0.082 0.001 0.002 0.029 0.001 0.007 0.029 0.013 0.037 0.007 0.001 0.002 0.003 0.003 0.003 0.069 0.695 0.002
CH 0.007 0.008 0.011 0.000 0.059 0.009 0.005 0.085 0.005 0.035 0.027 0.008 0.006 0.003 0.001 0.009 0.011 0.008 0.013 0.576 0.107 0.006
CN 0.051 0.036 0.023 0.014 0.000 0.005 0.005 0.031 0.004 0.033 0.146 0.120 0.017 0.003 0.005 0.007 0.036 0.006 0.009 0.200 0.232 0.018
CZ 0.002 0.002 0.002 0.013 0.041 0.000 0.008 0.041 0.029 0.004 0.009 0.008 0.002 0.003 0.000 0.075 0.034 0.014 0.009 0.682 0.019 0.002
DK 0.006 0.006 0.007 0.009 0.052 0.012 0.000 0.073 0.008 0.006 0.014 0.009 0.003 0.068 0.001 0.032 0.016 0.140 0.010 0.470 0.054 0.003
GB 0.013 0.008 0.022 0.039 0.076 0.010 0.012 0.000 0.006 0.016 0.021 0.011 0.004 0.036 0.002 0.018 0.016 0.020 0.016 0.519 0.120 0.014
HU 0.002 0.002 0.002 0.009 0.049 0.046 0.008 0.036 0.000 0.004 0.013 0.011 0.005 0.001 0.000 0.051 0.052 0.012 0.013 0.657 0.024 0.002
IN 0.043 0.023 0.015 0.065 0.201 0.003 0.004 0.044 0.002 0.000 0.045 0.050 0.015 0.004 0.003 0.005 0.020 0.007 0.015 0.225 0.179 0.032
JP 0.064 0.014 0.022 0.013 0.316 0.003 0.003 0.023 0.003 0.015 0.000 0.093 0.016 0.003 0.005 0.003 0.027 0.004 0.003 0.134 0.225 0.011
KR 0.045 0.018 0.015 0.005 0.337 0.004 0.003 0.018 0.003 0.028 0.142 0.000 0.020 0.008 0.004 0.007 0.031 0.004 0.009 0.126 0.168 0.006
MX 0.002 0.014 0.030 0.004 0.096 0.002 0.001 0.007 0.002 0.008 0.031 0.025 0.000 0.000 0.001 0.001 0.002 0.002 0.001 0.078 0.693 0.001
NO 0.002 0.009 0.021 0.008 0.048 0.008 0.050 0.188 0.002 0.004 0.016 0.018 0.001 0.000 0.000 0.023 0.013 0.094 0.007 0.428 0.056 0.002
NZ 0.234 0.003 0.017 0.006 0.225 0.002 0.006 0.041 0.001 0.016 0.096 0.048 0.009 0.001 0.000 0.002 0.009 0.006 0.003 0.131 0.139 0.005
PL 0.002 0.003 0.004 0.007 0.039 0.056 0.017 0.050 0.025 0.004 0.005 0.010 0.002 0.013 0.000 0.000 0.073 0.029 0.013 0.625 0.021 0.002
RU 0.002 0.011 0.004 0.020 0.146 0.016 0.007 0.033 0.016 0.017 0.047 0.040 0.003 0.004 0.001 0.042 0.000 0.013 0.050 0.478 0.049 0.001
SE 0.008 0.006 0.006 0.010 0.045 0.011 0.081 0.069 0.007 0.008 0.015 0.008 0.003 0.100 0.001 0.033 0.032 0.000 0.010 0.487 0.054 0.005
TR 0.006 0.010 0.009 0.029 0.095 0.012 0.007 0.063 0.009 0.024 0.017 0.026 0.004 0.005 0.001 0.021 0.117 0.013 0.000 0.448 0.076 0.009
U2 0.011 0.021 0.014 0.071 0.124 0.054 0.025 0.152 0.032 0.021 0.035 0.022 0.014 0.025 0.002 0.067 0.074 0.043 0.034 0.000 0.146 0.012
US 0.012 0.023 0.206 0.017 0.186 0.002 0.003 0.039 0.002 0.021 0.071 0.036 0.166 0.004 0.002 0.003 0.011 0.005 0.006 0.178 0.000 0.005
ZA 0.020 0.019 0.009 0.023 0.195 0.006 0.004 0.063 0.004 0.059 0.084 0.027 0.007 0.003 0.002 0.008 0.006 0.013 0.009 0.318 0.118 0.000

Table A.5: Trade weight matrix for Switzerland, Model 5

AU BR CA CH CN CZ DK GB HU IN JP KR MX NO NZ PL RU SE TR U2 US ZA

AU 0.000 0.005 0.010 0.010 0.351 0.002 0.004 0.038 0.001 0.041 0.166 0.076 0.007 0.001 0.042 0.002 0.003 0.007 0.004 0.117 0.106 0.007
BR 0.007 0.000 0.020 0.016 0.270 0.002 0.004 0.024 0.002 0.029 0.044 0.038 0.032 0.006 0.001 0.004 0.022 0.008 0.008 0.252 0.206 0.008
CA 0.004 0.007 0.000 0.006 0.084 0.001 0.002 0.028 0.001 0.007 0.029 0.013 0.037 0.006 0.001 0.002 0.003 0.003 0.003 0.070 0.691 0.002
CH 0.008 0.008 0.011 0.000 0.062 0.009 0.005 0.084 0.005 0.036 0.026 0.008 0.006 0.003 0.001 0.010 0.010 0.008 0.013 0.564 0.116 0.006
CN 0.054 0.038 0.023 0.013 0.000 0.005 0.005 0.032 0.004 0.033 0.140 0.117 0.019 0.003 0.005 0.008 0.037 0.006 0.009 0.201 0.229 0.018
CZ 0.002 0.002 0.002 0.013 0.044 0.000 0.009 0.040 0.030 0.004 0.009 0.008 0.003 0.003 0.000 0.077 0.032 0.014 0.009 0.680 0.020 0.002
DK 0.006 0.006 0.007 0.009 0.055 0.013 0.000 0.069 0.008 0.007 0.014 0.009 0.003 0.067 0.001 0.034 0.016 0.137 0.010 0.469 0.058 0.003
GB 0.013 0.007 0.022 0.039 0.081 0.010 0.012 0.000 0.006 0.016 0.021 0.011 0.004 0.034 0.002 0.018 0.017 0.020 0.017 0.512 0.123 0.013
HU 0.002 0.002 0.002 0.009 0.050 0.047 0.008 0.034 0.000 0.004 0.012 0.013 0.005 0.001 0.000 0.052 0.048 0.012 0.014 0.659 0.024 0.002
IN 0.041 0.023 0.015 0.061 0.205 0.003 0.004 0.042 0.002 0.000 0.045 0.050 0.015 0.004 0.003 0.005 0.020 0.007 0.016 0.219 0.188 0.032
JP 0.063 0.014 0.022 0.013 0.320 0.003 0.003 0.022 0.003 0.016 0.000 0.091 0.016 0.003 0.005 0.003 0.026 0.004 0.003 0.134 0.225 0.010
KR 0.044 0.017 0.015 0.005 0.341 0.004 0.003 0.017 0.004 0.028 0.135 0.000 0.020 0.007 0.004 0.007 0.030 0.004 0.009 0.125 0.174 0.005
MX 0.002 0.013 0.030 0.004 0.099 0.002 0.001 0.007 0.002 0.009 0.030 0.025 0.000 0.000 0.001 0.001 0.002 0.002 0.001 0.077 0.692 0.001
NO 0.002 0.009 0.020 0.008 0.054 0.008 0.050 0.181 0.002 0.004 0.016 0.018 0.002 0.000 0.000 0.024 0.013 0.096 0.008 0.425 0.056 0.002
NZ 0.223 0.003 0.017 0.006 0.244 0.002 0.005 0.040 0.001 0.016 0.093 0.048 0.009 0.002 0.000 0.002 0.008 0.005 0.003 0.130 0.137 0.005
PL 0.002 0.003 0.003 0.007 0.044 0.056 0.017 0.048 0.025 0.004 0.006 0.010 0.002 0.012 0.000 0.000 0.067 0.028 0.012 0.628 0.022 0.002
RU 0.002 0.011 0.004 0.019 0.159 0.016 0.007 0.035 0.015 0.017 0.046 0.042 0.003 0.004 0.001 0.041 0.000 0.012 0.050 0.463 0.050 0.002
SE 0.008 0.006 0.006 0.010 0.047 0.011 0.081 0.066 0.007 0.008 0.014 0.008 0.003 0.101 0.001 0.034 0.029 0.000 0.010 0.488 0.055 0.005
TR 0.006 0.011 0.009 0.028 0.096 0.012 0.007 0.063 0.009 0.024 0.017 0.026 0.004 0.005 0.001 0.022 0.114 0.013 0.000 0.448 0.077 0.008
U2 0.011 0.020 0.014 0.072 0.129 0.055 0.025 0.146 0.033 0.020 0.034 0.022 0.015 0.024 0.002 0.070 0.070 0.043 0.034 0.000 0.149 0.012
US 0.012 0.022 0.201 0.019 0.185 0.002 0.004 0.038 0.002 0.022 0.070 0.037 0.169 0.003 0.002 0.003 0.011 0.005 0.006 0.181 0.000 0.005
ZA 0.019 0.018 0.009 0.022 0.202 0.007 0.004 0.064 0.004 0.061 0.081 0.026 0.007 0.003 0.002 0.008 0.006 0.013 0.009 0.317 0.118 0.000
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Table A.6: Trade weight matrix for Switzerland, Model 6

AU BR CA CH CN CZ DK GB HU IN JP KR MX NO NZ PL RU SE TR U2 US ZA

AU 0.000 0.005 0.010 0.010 0.329 0.002 0.004 0.038 0.001 0.042 0.174 0.078 0.007 0.002 0.044 0.002 0.004 0.008 0.004 0.120 0.108 0.008
BR 0.007 0.000 0.020 0.016 0.248 0.002 0.004 0.025 0.002 0.030 0.046 0.040 0.032 0.006 0.001 0.004 0.022 0.008 0.007 0.263 0.209 0.009
CA 0.004 0.007 0.000 0.006 0.082 0.001 0.002 0.029 0.001 0.007 0.029 0.013 0.037 0.007 0.001 0.002 0.003 0.003 0.003 0.069 0.695 0.002
CH 0.007 0.008 0.011 0.000 0.060 0.009 0.005 0.085 0.005 0.036 0.027 0.008 0.006 0.003 0.001 0.009 0.011 0.008 0.013 0.576 0.107 0.006
CN 0.051 0.036 0.023 0.014 0.000 0.005 0.005 0.031 0.004 0.033 0.146 0.120 0.017 0.003 0.005 0.007 0.036 0.006 0.009 0.200 0.232 0.018
CZ 0.002 0.002 0.002 0.013 0.041 0.000 0.008 0.041 0.029 0.004 0.009 0.008 0.002 0.003 0.000 0.075 0.034 0.014 0.009 0.682 0.019 0.002
DK 0.006 0.006 0.007 0.009 0.052 0.013 0.000 0.073 0.008 0.006 0.014 0.009 0.003 0.068 0.001 0.032 0.016 0.140 0.010 0.470 0.054 0.003
GB 0.013 0.008 0.022 0.039 0.076 0.010 0.012 0.000 0.006 0.016 0.021 0.011 0.004 0.036 0.002 0.018 0.016 0.020 0.016 0.518 0.120 0.013
HU 0.002 0.002 0.002 0.009 0.049 0.046 0.008 0.036 0.000 0.004 0.013 0.011 0.005 0.001 0.000 0.051 0.052 0.012 0.013 0.658 0.024 0.002
IN 0.043 0.023 0.015 0.065 0.201 0.003 0.004 0.044 0.002 0.000 0.045 0.050 0.015 0.004 0.003 0.005 0.020 0.007 0.015 0.225 0.180 0.032
JP 0.064 0.014 0.022 0.013 0.316 0.003 0.003 0.023 0.003 0.015 0.000 0.093 0.016 0.003 0.005 0.003 0.027 0.004 0.003 0.134 0.225 0.011
KR 0.045 0.018 0.015 0.005 0.337 0.004 0.003 0.018 0.003 0.028 0.142 0.000 0.020 0.008 0.004 0.007 0.031 0.004 0.009 0.126 0.168 0.006
MX 0.002 0.014 0.030 0.004 0.096 0.002 0.001 0.007 0.002 0.008 0.031 0.025 0.000 0.000 0.001 0.001 0.002 0.002 0.001 0.078 0.693 0.001
NO 0.002 0.009 0.021 0.008 0.048 0.008 0.050 0.188 0.002 0.004 0.016 0.018 0.002 0.000 0.000 0.023 0.013 0.094 0.007 0.429 0.056 0.002
NZ 0.233 0.003 0.017 0.006 0.226 0.002 0.006 0.041 0.001 0.016 0.096 0.048 0.009 0.001 0.000 0.002 0.009 0.006 0.003 0.132 0.138 0.005
PL 0.002 0.003 0.004 0.007 0.039 0.056 0.017 0.050 0.025 0.004 0.005 0.010 0.002 0.013 0.000 0.000 0.072 0.029 0.013 0.625 0.021 0.002
RU 0.002 0.011 0.004 0.020 0.146 0.016 0.007 0.033 0.016 0.017 0.047 0.040 0.003 0.004 0.001 0.042 0.000 0.013 0.050 0.477 0.049 0.001
SE 0.008 0.006 0.006 0.010 0.045 0.011 0.081 0.069 0.007 0.008 0.015 0.008 0.003 0.100 0.001 0.033 0.032 0.000 0.010 0.487 0.054 0.005
TR 0.006 0.010 0.009 0.029 0.095 0.012 0.007 0.063 0.009 0.024 0.017 0.026 0.004 0.005 0.001 0.021 0.117 0.013 0.000 0.448 0.076 0.008
U2 0.011 0.020 0.014 0.071 0.125 0.054 0.025 0.151 0.032 0.021 0.035 0.022 0.015 0.025 0.002 0.067 0.074 0.043 0.034 0.000 0.146 0.012
US 0.012 0.023 0.206 0.017 0.186 0.002 0.003 0.039 0.002 0.021 0.071 0.036 0.167 0.004 0.002 0.003 0.011 0.005 0.006 0.179 0.000 0.005
ZA 0.020 0.019 0.009 0.023 0.195 0.006 0.004 0.063 0.004 0.059 0.084 0.027 0.007 0.003 0.002 0.008 0.006 0.013 0.009 0.318 0.118 0.000

Table A.7: Trade weight matrix for Brazil, Models 1 and 3

AU BR CA CH CN CZ DK GB HU IN JP KR MX NO NZ PL RU SE TR U2 US ZA

AU 0.000 0.005 0.010 0.010 0.349 0.002 0.004 0.038 0.001 0.041 0.166 0.076 0.007 0.001 0.042 0.002 0.003 0.007 0.004 0.117 0.106 0.007
BR 0.007 0.000 0.020 0.016 0.269 0.002 0.004 0.024 0.002 0.029 0.044 0.039 0.032 0.006 0.001 0.004 0.022 0.008 0.008 0.252 0.206 0.008
CA 0.004 0.007 0.000 0.006 0.084 0.001 0.002 0.028 0.001 0.007 0.029 0.013 0.037 0.006 0.001 0.002 0.003 0.003 0.003 0.070 0.691 0.002
CH 0.008 0.008 0.011 0.000 0.062 0.009 0.005 0.085 0.005 0.036 0.026 0.008 0.006 0.003 0.001 0.009 0.010 0.008 0.013 0.564 0.116 0.006
CN 0.054 0.037 0.023 0.013 0.000 0.005 0.005 0.032 0.004 0.033 0.141 0.117 0.019 0.003 0.005 0.008 0.037 0.006 0.009 0.201 0.229 0.018
CZ 0.002 0.002 0.002 0.013 0.044 0.000 0.009 0.040 0.030 0.004 0.009 0.008 0.003 0.003 0.000 0.077 0.032 0.014 0.009 0.680 0.020 0.002
DK 0.006 0.006 0.007 0.009 0.055 0.013 0.000 0.069 0.008 0.007 0.014 0.009 0.003 0.067 0.001 0.034 0.015 0.138 0.010 0.469 0.058 0.003
GB 0.013 0.007 0.022 0.039 0.081 0.010 0.012 0.000 0.006 0.016 0.021 0.011 0.004 0.034 0.002 0.018 0.017 0.020 0.017 0.513 0.123 0.013
HU 0.002 0.002 0.002 0.009 0.050 0.047 0.008 0.034 0.000 0.004 0.012 0.013 0.005 0.001 0.000 0.052 0.048 0.012 0.014 0.659 0.024 0.002
IN 0.041 0.023 0.015 0.062 0.205 0.003 0.004 0.042 0.002 0.000 0.045 0.050 0.015 0.004 0.003 0.005 0.020 0.007 0.016 0.219 0.187 0.032
JP 0.063 0.014 0.022 0.013 0.320 0.003 0.003 0.022 0.003 0.016 0.000 0.091 0.016 0.003 0.005 0.003 0.026 0.004 0.003 0.134 0.225 0.010
KR 0.044 0.017 0.015 0.005 0.341 0.004 0.003 0.017 0.004 0.028 0.136 0.000 0.020 0.007 0.004 0.007 0.030 0.004 0.009 0.125 0.174 0.005
MX 0.002 0.013 0.030 0.004 0.099 0.002 0.001 0.007 0.002 0.009 0.030 0.025 0.000 0.000 0.001 0.001 0.002 0.002 0.001 0.077 0.692 0.001
NO 0.002 0.009 0.020 0.008 0.054 0.008 0.050 0.181 0.002 0.004 0.016 0.018 0.002 0.000 0.000 0.024 0.013 0.096 0.008 0.425 0.056 0.002
NZ 0.223 0.003 0.017 0.006 0.243 0.002 0.006 0.040 0.001 0.016 0.093 0.048 0.009 0.002 0.000 0.002 0.008 0.005 0.003 0.130 0.137 0.005
PL 0.002 0.003 0.003 0.007 0.043 0.056 0.017 0.048 0.025 0.004 0.006 0.010 0.002 0.013 0.000 0.000 0.067 0.028 0.012 0.628 0.022 0.002
RU 0.002 0.011 0.004 0.019 0.159 0.016 0.007 0.035 0.016 0.017 0.046 0.042 0.003 0.004 0.001 0.041 0.000 0.012 0.050 0.464 0.050 0.002
SE 0.008 0.006 0.006 0.010 0.047 0.011 0.081 0.066 0.007 0.008 0.014 0.008 0.003 0.101 0.001 0.034 0.029 0.000 0.010 0.488 0.055 0.005
TR 0.006 0.011 0.009 0.028 0.096 0.012 0.007 0.063 0.009 0.024 0.017 0.026 0.004 0.005 0.001 0.022 0.114 0.013 0.000 0.448 0.077 0.008
U2 0.011 0.020 0.014 0.071 0.129 0.055 0.025 0.146 0.033 0.020 0.034 0.022 0.015 0.024 0.002 0.070 0.070 0.043 0.034 0.000 0.149 0.012
US 0.012 0.022 0.201 0.019 0.185 0.002 0.004 0.038 0.002 0.022 0.070 0.037 0.169 0.003 0.002 0.003 0.011 0.005 0.006 0.181 0.000 0.005
ZA 0.019 0.018 0.009 0.022 0.201 0.007 0.004 0.064 0.004 0.061 0.081 0.026 0.007 0.003 0.002 0.008 0.006 0.013 0.009 0.317 0.118 0.000

Table A.8: Trade weight matrix for Brazil, Models 5 and 7

AU BR CA CH CN CZ DK GB HU IN JP KR MX NO NZ PL RU SE TR U2 US ZA

AU 0.000 0.004 0.009 0.011 0.402 0.002 0.003 0.033 0.002 0.038 0.146 0.074 0.007 0.001 0.037 0.003 0.002 0.006 0.004 0.109 0.102 0.005
BR 0.005 0.000 0.019 0.014 0.321 0.002 0.004 0.020 0.002 0.030 0.035 0.034 0.032 0.006 0.001 0.005 0.019 0.006 0.010 0.224 0.204 0.007
CA 0.004 0.007 0.000 0.006 0.093 0.001 0.002 0.025 0.001 0.008 0.027 0.014 0.040 0.004 0.001 0.003 0.002 0.003 0.003 0.073 0.684 0.002
CH 0.008 0.008 0.012 0.000 0.079 0.009 0.004 0.089 0.005 0.043 0.025 0.009 0.006 0.002 0.001 0.010 0.009 0.007 0.014 0.520 0.134 0.006
CN 0.058 0.040 0.023 0.013 0.000 0.006 0.005 0.034 0.004 0.034 0.125 0.116 0.021 0.003 0.006 0.010 0.038 0.006 0.009 0.198 0.234 0.017
CZ 0.002 0.001 0.002 0.012 0.051 0.000 0.009 0.039 0.032 0.003 0.008 0.010 0.003 0.003 0.000 0.081 0.023 0.014 0.010 0.673 0.022 0.002
DK 0.006 0.006 0.006 0.009 0.065 0.015 0.000 0.059 0.008 0.007 0.014 0.011 0.004 0.065 0.001 0.039 0.014 0.128 0.011 0.464 0.066 0.002
GB 0.012 0.006 0.022 0.040 0.095 0.011 0.011 0.000 0.006 0.015 0.020 0.013 0.005 0.028 0.002 0.021 0.016 0.017 0.019 0.501 0.130 0.011
HU 0.002 0.002 0.002 0.008 0.047 0.052 0.008 0.030 0.000 0.004 0.010 0.014 0.005 0.001 0.000 0.056 0.033 0.013 0.015 0.672 0.025 0.001
IN 0.038 0.022 0.016 0.053 0.219 0.003 0.003 0.039 0.002 0.000 0.043 0.051 0.019 0.003 0.002 0.006 0.022 0.006 0.017 0.203 0.203 0.029
JP 0.060 0.013 0.021 0.013 0.330 0.003 0.003 0.021 0.003 0.016 0.000 0.086 0.018 0.003 0.005 0.004 0.024 0.004 0.004 0.132 0.228 0.009
KR 0.042 0.014 0.015 0.005 0.356 0.004 0.003 0.018 0.004 0.028 0.114 0.000 0.022 0.007 0.004 0.007 0.029 0.004 0.010 0.122 0.187 0.004
MX 0.002 0.012 0.028 0.004 0.110 0.002 0.001 0.006 0.002 0.010 0.028 0.026 0.000 0.000 0.001 0.002 0.002 0.001 0.001 0.075 0.685 0.001
NO 0.002 0.011 0.015 0.008 0.071 0.006 0.051 0.155 0.003 0.005 0.017 0.019 0.002 0.000 0.001 0.030 0.011 0.098 0.010 0.427 0.057 0.002
NZ 0.185 0.003 0.016 0.006 0.292 0.002 0.005 0.037 0.001 0.016 0.086 0.049 0.009 0.002 0.000 0.003 0.007 0.005 0.003 0.128 0.140 0.004
PL 0.003 0.003 0.004 0.008 0.052 0.057 0.017 0.048 0.025 0.005 0.005 0.010 0.002 0.010 0.000 0.000 0.053 0.028 0.012 0.633 0.025 0.002
RU 0.002 0.011 0.003 0.013 0.197 0.016 0.008 0.035 0.012 0.020 0.044 0.047 0.005 0.004 0.001 0.037 0.000 0.010 0.051 0.430 0.053 0.002
SE 0.007 0.005 0.006 0.010 0.055 0.013 0.077 0.059 0.008 0.007 0.013 0.008 0.003 0.102 0.001 0.039 0.023 0.000 0.010 0.496 0.055 0.004
TR 0.006 0.012 0.009 0.025 0.102 0.014 0.008 0.066 0.010 0.027 0.017 0.029 0.005 0.005 0.001 0.024 0.096 0.012 0.000 0.446 0.080 0.006
U2 0.010 0.017 0.015 0.072 0.140 0.058 0.024 0.137 0.035 0.020 0.032 0.023 0.016 0.020 0.002 0.079 0.056 0.042 0.035 0.000 0.157 0.011
US 0.011 0.021 0.188 0.021 0.190 0.002 0.004 0.037 0.002 0.025 0.064 0.040 0.179 0.003 0.003 0.004 0.008 0.005 0.006 0.183 0.000 0.004
ZA 0.017 0.017 0.007 0.017 0.226 0.009 0.004 0.062 0.003 0.071 0.066 0.024 0.007 0.003 0.002 0.009 0.008 0.010 0.010 0.316 0.113 0.000
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Table A.9: Trade weight matrix for Brazil, Models 6 and 8

AU BR CA CH CN CZ DK GB HU IN JP KR MX NO NZ PL RU SE TR U2 US ZA

AU 0.000 0.004 0.009 0.010 0.380 0.002 0.003 0.030 0.002 0.039 0.155 0.077 0.007 0.001 0.040 0.003 0.003 0.006 0.004 0.113 0.104 0.006
BR 0.006 0.000 0.019 0.014 0.294 0.002 0.004 0.022 0.002 0.031 0.037 0.036 0.033 0.006 0.001 0.005 0.020 0.007 0.009 0.237 0.210 0.007
CA 0.004 0.006 0.000 0.006 0.090 0.001 0.002 0.025 0.001 0.008 0.027 0.013 0.041 0.003 0.001 0.002 0.002 0.003 0.003 0.070 0.691 0.001
CH 0.008 0.008 0.011 0.000 0.081 0.009 0.004 0.093 0.005 0.045 0.025 0.009 0.006 0.003 0.001 0.010 0.009 0.007 0.015 0.523 0.124 0.006
CN 0.054 0.037 0.023 0.015 0.000 0.005 0.005 0.034 0.004 0.034 0.128 0.120 0.020 0.003 0.006 0.008 0.036 0.006 0.009 0.194 0.241 0.018
CZ 0.002 0.001 0.002 0.012 0.046 0.000 0.009 0.042 0.031 0.003 0.008 0.010 0.003 0.003 0.000 0.081 0.024 0.013 0.010 0.676 0.021 0.002
DK 0.006 0.006 0.006 0.009 0.061 0.014 0.000 0.063 0.008 0.007 0.014 0.012 0.004 0.068 0.001 0.037 0.015 0.130 0.011 0.465 0.059 0.003
GB 0.011 0.007 0.022 0.041 0.089 0.011 0.011 0.000 0.006 0.015 0.020 0.013 0.004 0.029 0.002 0.020 0.012 0.018 0.019 0.511 0.128 0.011
HU 0.002 0.002 0.002 0.008 0.044 0.052 0.008 0.033 0.000 0.003 0.010 0.011 0.005 0.001 0.000 0.055 0.035 0.013 0.015 0.675 0.025 0.001
IN 0.040 0.023 0.017 0.056 0.216 0.003 0.003 0.040 0.002 0.000 0.043 0.052 0.019 0.003 0.003 0.005 0.021 0.006 0.018 0.208 0.193 0.029
JP 0.061 0.013 0.021 0.012 0.325 0.002 0.003 0.022 0.003 0.016 0.000 0.087 0.018 0.003 0.005 0.003 0.025 0.004 0.004 0.132 0.230 0.008
KR 0.044 0.015 0.015 0.005 0.355 0.004 0.003 0.020 0.003 0.028 0.119 0.000 0.022 0.008 0.004 0.006 0.030 0.004 0.010 0.122 0.179 0.004
MX 0.002 0.012 0.029 0.004 0.108 0.002 0.001 0.006 0.002 0.010 0.029 0.025 0.000 0.000 0.001 0.002 0.002 0.002 0.001 0.076 0.686 0.001
NO 0.002 0.010 0.015 0.008 0.060 0.006 0.052 0.163 0.002 0.004 0.017 0.022 0.002 0.000 0.001 0.028 0.011 0.093 0.009 0.436 0.057 0.002
NZ 0.193 0.003 0.016 0.006 0.272 0.002 0.005 0.039 0.001 0.016 0.088 0.049 0.009 0.002 0.000 0.002 0.007 0.005 0.004 0.131 0.144 0.005
PL 0.002 0.003 0.004 0.007 0.047 0.058 0.017 0.051 0.025 0.005 0.005 0.009 0.002 0.011 0.000 0.000 0.057 0.029 0.013 0.629 0.024 0.002
RU 0.002 0.011 0.003 0.013 0.180 0.016 0.008 0.029 0.013 0.020 0.046 0.046 0.005 0.004 0.001 0.038 0.000 0.011 0.051 0.452 0.052 0.002
SE 0.007 0.005 0.006 0.010 0.052 0.012 0.077 0.064 0.007 0.007 0.013 0.008 0.003 0.099 0.001 0.037 0.026 0.000 0.010 0.497 0.053 0.004
TR 0.006 0.011 0.010 0.026 0.103 0.014 0.008 0.066 0.009 0.028 0.017 0.029 0.005 0.005 0.001 0.024 0.095 0.012 0.000 0.446 0.078 0.007
U2 0.010 0.018 0.015 0.070 0.134 0.058 0.024 0.145 0.034 0.021 0.032 0.022 0.016 0.021 0.002 0.075 0.059 0.042 0.035 0.000 0.155 0.011
US 0.011 0.021 0.191 0.019 0.195 0.002 0.003 0.037 0.002 0.024 0.065 0.038 0.178 0.003 0.003 0.003 0.008 0.005 0.006 0.180 0.000 0.004
ZA 0.017 0.018 0.008 0.017 0.222 0.008 0.004 0.060 0.003 0.072 0.067 0.025 0.007 0.003 0.002 0.009 0.007 0.011 0.010 0.320 0.111 0.000
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C Model specification for Switzerland and Brazil

An intercept term and a trend are included in all unit models. In addition, the nominal

exchange rate (ER) is treated as weakly exogenous. This restriction includes ER as a foreign

variable only when its domestic counterpart is missing. “For example, when working with

nominal bilateral exchange rates we probably do not want to include also its weighted average

(which corresponds to something like an effective exchange rate).” (Böck, Feldkircher, and

Huber 2021) Therefore, ER weighted average is included uniquely in the US model.

For the global factor (GF) unit, proxied by V IX or GCF , the foreign variables are the carry

trade proxy (NP ) and equity prices (EQ).

Table A.10: Model 1 specification, Switzerland

Unit name Domestic variables

AU GDP , IR, ER, EQ, NP , RES

BR GDP , IR, ER, EQ, RES

CA GDP , IR, ER, EQ, NP , RES

CH GDP , IR, ER, EQ, NP , RES

CN IR, ER, EQ

CZ GDP , IR, ER, EQ, RES

DK GDP , IR, ER, EQ, RES

GB GDP , IR, ER, EQ, NP , RES

HU GDP , IR, ER, EQ, RES

IN GDP , IR, ER, EQ

JP GDP , IR, ER, EQ, NP , RES

KR GDP , IR, ER, EQ, RES

MX GDP , IR, ER, EQ, NP , RES

NO GDP , IR, ER, EQ, RES

NZ GDP , IR, ER, EQ, NP , RES

PL GDP , IR, ER, EQ, RES

RU GDP , IR, ER, EQ, RES

SE GDP , IR, ER, EQ, RES

TR GDP , IR, ER, EQ, RES

U2 GDP , IR, ER, EQ, NP

US GDP , IR, EQ, NP , RES

ZA GDP , IR, ER, EQ, RES

GF V IX

Foreign variables: GDP ∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.
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Table A.11: Model 2 specification, Switzerland

Unit name Domestic variables

AU GDP , IR, ER, EQ, NP , RES

BR GDP , IR, ER, EQ, RES

CA GDP , IR, ER, EQ, NP , RES

CH GDP , IR, ER, EQ, NP , RES

CN IR, ER, EQ

CZ GDP , IR, ER, EQ, RES

DK GDP , IR, ER, EQ, RES

GB GDP , IR, ER, EQ, NP , RES

HU GDP , IR, ER, EQ, RES

IN GDP , IR, ER, EQ

JP GDP , IR, ER, EQ, NP , RES

KR GDP , IR, ER, EQ, RES

MX GDP , IR, ER, EQ, NP , RES

NO GDP , IR, ER, EQ, RES

NZ GDP , IR, ER, EQ, NP , RES

PL GDP , IR, ER, EQ, RES

RU GDP , IR, ER, EQ, RES

SE GDP , IR, ER, EQ, RES

TR GDP , IR, ER, EQ, RES

U2 GDP , IR, ER, EQ, NP

US GDP , IR, EQ, NP , RES

ZA GDP , IR, ER, EQ, RES

GF GCF

Foreign variables: GDP ∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.

Table A.12: Model 3 specification, Switzerland

Unit name Domestic variables

AU C, GF CF , M, X, IR, ER, EQ, NP , RES

BR C, GF CF , M, X, IR, ER, EQ, RES

CA C, GF CF , M, X, IR, ER, EQ, NP , RES

CH C, GF CF , M, X, IR, ER, EQ, NP , RES

CN IR, ER, EQ

CZ C, GF CF , M, X, IR, ER, EQ, RES

DK C, GF CF , M, X, IR, ER, EQ, RES

GB C, GF CF , M, X, IR, ER, EQ, NP , RES

HU C, GF CF , M, X, IR, ER, EQ, RES

IN C, GF CF , M, X, IR, ER, EQ

JP C, GF CF , M, X, IR, ER, EQ, NP , RES

KR C, GF CF , M, X, IR, ER, EQ, RES

MX C, GF CF , M, X, IR, ER, EQ, NP , RES

NO C, GF CF , M, X, IR, ER, EQ, RES

NZ C, GF CF , M, X, IR, ER, EQ, NP , RES

PL C, GF CF , M, X, IR, ER, EQ, RES

RU C, GF CF , M, X, IR, ER, EQ, RES

SE C, GF CF , M, X, IR, ER, EQ, RES

TR C, GF CF , M, X, IR, ER, EQ, RES

U2 C, GF CF , M, X, IR, ER, EQ, NP

US C, GF CF , X, M, IR, EQ, NP , RES

ZA C, GF CF , M, X, IR, ER, EQ, RES

GF V IX

Foreign variables: C∗, GF CF ∗, M∗, X∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.
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Table A.13: Model 4 specification, Switzerland

Unit name Domestic variables

AU C, GF CF , M, X, IR, ER, EQ, NP , RES

BR C, GF CF , M, X, IR, ER, EQ, RES

CA C, GF CF , M, X, IR, ER, EQ, NP , RES

CH C, GF CF , M, X, IR, ER, EQ, NP , RES

CN IR, ER, EQ

CZ C, GF CF , M, X, IR, ER, EQ, RES

DK C, GF CF , M, X, IR, ER, EQ, RES

GB C, GF CF , M, X, IR, ER, EQ, NP , RES

HU C, GF CF , M, X, IR, ER, EQ, RES

IN C, GF CF , M, X, IR, ER, EQ

JP C, GF CF , M, X, IR, ER, EQ, NP , RES

KR C, GF CF , M, X, IR, ER, EQ, RES

MX C, GF CF , M, X, IR, ER, EQ, NP , RES

NO C, GF CF , M, X, IR, ER, EQ, RES

NZ C, GF CF , M, X, IR, ER, EQ, NP , RES

PL C, GF CF , M, X, IR, ER, EQ, RES

RU C, GF CF , M, X, IR, ER, EQ, RES

SE C, GF CF , M, X, IR, ER, EQ, RES

TR C, GF CF , M, X, IR, ER, EQ, RES

U2 C, GF CF , M, X, IR, ER, EQ, NP

US C, GF CF , X, M, IR, EQ, NP , RES

ZA C, GF CF , M, X, IR, ER, EQ, RES

GF GCF

Foreign variables: C∗, GF CF ∗, M∗, X∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.

Table A.14: Model 5 specification, Switzerland

Unit name Domestic variables

AU X, M, IR, ER, EQ, NP , RES

BR X, M, IR, ER, EQ, RES

CA X, M, IR, ER, EQ, NP , RES

CH X, M, IR, ER, EQ, NP , RES

CN X, M, IR, ER, EQ

CZ X, M, IR, ER, EQ, RES

DK X, M, IR, ER, EQ, RES

GB X, M, IR, ER, EQ, NP , RES

HU X, M, IR, ER, EQ, RES

IN X, M, IR, ER, EQ

JP X, M, IR, ER, EQ, NP , RES

KR X, M, IR, ER, EQ, RES

MX X, M, IR, ER, EQ, NP , RES

NO X, M, IR, ER, EQ, RES

NZ X, M, IR, ER, EQ, NP , RES

PL X, M, IR, ER, EQ, RES

RU X, M, IR, ER, EQ, RES

SE X, M, IR, ER, EQ, RES

TR X, M, IR, ER, EQ, RES

U2 X, M, IR, ER, EQ, NP

US X, M, IR, EQ, NP , RES

ZA X, M, IR, ER, EQ, RES

GF V IX

Foreign variables: X∗, M∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.
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Table A.15: Model 6 specification, Switzerland

Unit name Domestic variables

AU X, M, IR, ER, EQ, NP , RES

BR X, M, IR, ER, EQ, RES

CA X, M, IR, ER, EQ, NP , RES

CH X, M, IR, ER, EQ, NP , RES

CN X, M, IR, ER, EQ

CZ X, M, IR, ER, EQ, RES

DK X, M, IR, ER, EQ, RES

GB X, M, IR, ER, EQ, NP , RES

HU X, M, IR, ER, EQ, RES

IN X, M, IR, ER, EQ

JP X, M, IR, ER, EQ, NP , RES

KR X, M, IR, ER, EQ, RES

MX X, M, IR, ER, EQ, NP , RES

NO X, M, IR, ER, EQ, RES

NZ X, M, IR, ER, EQ, NP , RES

PL X, M, IR, ER, EQ, RES

RU X, M, IR, ER, EQ, RES

SE X, M, IR, ER, EQ, RES

TR X, M, IR, ER, EQ, RES

U2 X, M, IR, ER, EQ, NP

US X, M, IR, EQ, NP , RES

ZA X, M, IR, ER, EQ, RES

GF GCF

Foreign variables: X∗, M∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.

Table A.16: Model 1 specification, Brazil

Unit name Domestic variables

AU GDP , IR, ER, EQ, NP , RES

BR GDP , IR, ER, EQ, NP , RES

CA GDP , IR, ER, EQ, NP , RES

CH GDP , IR, ER, EQ, NP , RES

CN IR, ER, EQ

CZ GDP , IR, ER, EQ, RES

DK GDP , IR, ER, EQ, RES

GB GDP , IR, ER, EQ, NP , RES

HU GDP , IR, ER, EQ, RES

IN GDP , IR, ER, EQ, RES

JP GDP , IR, ER, EQ, NP , RES

KR GDP , IR, ER, EQ, RES

MX GDP , IR, ER, EQ, NP , RES

NO GDP , IR, ER, EQ, RES

NZ GDP , IR, ER, EQ, NP , RES

PL GDP , IR, ER, EQ, RES

RU GDP , IR, ER, EQ, NP , RES

SE GDP , IR, ER, EQ, RES

TR GDP , IR, ER, EQ, RES

U2 GDP , IR, ER, EQ, NP

US GDP , IR, EQ, NP , RES

ZA GDP , IR, ER, EQ, RES

GF V IX

Foreign variables: GDP ∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.
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Table A.17: Model 3 specification, Brazil

Unit name Domestic variables

AU C, GF CF , M, X, IR, ER, EQ, NP , RES

BR C, GF CF , M, X, IR, ER, EQ, NP , RES

CA C, GF CF , M, X, IR, ER, EQ, NP , RES

CH C, GF CF , M, X, IR, ER, EQ, NP , RES

CN IR, ER, EQ

CZ C, GF CF , M, X, IR, ER, EQ, RES

DK C, GF CF , M, X, IR, ER, EQ, RES

GB C, GF CF , M, X, IR, ER, EQ, NP , RES

HU C, GF CF , M, X, IR, ER, EQ, RES

IN C, GF CF , M, X, IR, ER, EQ, RES

JP C, GF CF , M, X, IR, ER, EQ, NP , RES

KR C, GF CF , M, X, IR, ER, EQ, RES

MX C, GF CF , M, X, IR, ER, EQ, NP , RES

NO C, GF CF , M, X, IR, ER, EQ, RES

NZ C, GF CF , M, X, IR, ER, EQ, NP , RES

PL C, GF CF , M, X, IR, ER, EQ, RES

RU C, GF CF , M, X, IR, ER, EQ, NP , RES

SE C, GF CF , M, X, IR, ER, EQ, RES

TR C, GF CF , M, X, IR, ER, EQ, RES

U2 C, GF CF , M, X, IR, ER, EQ, NP

US C, GF CF , X, M, IR, EQ, NP , RES

ZA C, GF CF , M, X, IR, ER, EQ, RES

GF V IX

Foreign variables: C∗, GF CF ∗, M∗, X∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.

Table A.18: Model 5 specification, Brazil

Unit name Domestic variables

AU X, M, IR, ER, EQ, NP , RES

BR X, M, IR, ER, EQ, NP , RES

CA X, M, IR, ER, EQ, NP , RES

CH X, M, IR, ER, EQ, NP , RES

CN X, M, IR, ER, EQ

CZ X, M, IR, ER, EQ, RES

DK X, M, IR, ER, EQ, RES

GB X, M, IR, ER, EQ, NP , RES

HU X, M, IR, ER, EQ, RES

IN X, M, IR, ER, EQ

JP X, M, IR, ER, EQ, NP , RES

KR X, M, IR, ER, EQ, RES

MX X, M, IR, ER, EQ, NP , RES

NO X, M, IR, ER, EQ, RES

NZ X, M, IR, ER, EQ, NP , RES

PL X, M, IR, ER, EQ, RES

RU X, M, IR, ER, EQ, NP , RES

SE X, M, IR, ER, EQ, RES

TR X, M, IR, ER, EQ, RES

U2 X, M, IR, ER, EQ, NP

US X, M, IR, EQ, NP , RES

ZA X, M, IR, ER, EQ, RES

GF V IX

Foreign variables: X∗, M∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.
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Table A.19: Model 6 specification, Brazil

Unit name Domestic variables

AU X, M, IR, ER, EQ, NP , RES

BR X, M, IR, ER, EQ, NP , RES

CA X, M, IR, ER, EQ, NP , RES

CH X, M, IR, ER, EQ, NP , RES

CN X, M, IR, ER, EQ

CZ X, M, IR, ER, EQ

DK X, M, IR, ER, EQ, RES

GB X, M, IR, ER, EQ, NP , RES

HU X, M, IR, ER, EQ, RES

IN X, M, IR, ER, EQ

JP X, M, IR, ER, EQ, NP , RES

KR X, M, IR, ER, EQ, RES

MX X, M, IR, ER, EQ, NP , RES

NO X, M, IR, ER, EQ, RES

NZ X, M, IR, ER, EQ, NP , RES

PL X, M, IR, ER, EQ, RES

RU X, M, IR, ER, EQ, NP , RES

SE X, M, IR, ER, EQ, RES

TR X, M, IR, ER, EQ, RES

U2 X, M, IR, ER, EQ, NP

US X, M, IR, EQ, NP , RES

ZA X, M, IR, ER, EQ, RES

GF GCF

Foreign variables: X∗, M∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.

Table A.20: Model 7 specification, Brazil

Unit name Domestic variables

AU X, M, IR, ER, EQ, NP , RES

BR IP , X, M, IR, ER, EQ, NP , RES

CA IP , X, M, IR, ER, EQ, NP , RES

CH X, M, IR, ER, EQ, NP , RES

CN X, M, IR, ER, EQ

CZ IP , X, M, IR, ER, EQ

DK IP , X, M, IR, ER, EQ, RES

GB IP , X, M, IR, ER, EQ, NP , RES

HU IP , X, M, IR, ER, EQ, RES

IN X, M, IR, ER, EQ

JP IP , X, M, IR, ER, EQ, NP , RES

KR IP , X, M, IR, ER, EQ, RES

MX X, M, IR, ER, EQ, NP , RES

NO IP , X, M, IR, ER, EQ, RES

NZ X, M, IR, ER, EQ, NP , RES

PL IP , X, M, IR, ER, EQ, RES

RU IP , X, M, IR, ER, EQ, NP , RES

SE IP , X, M, IR, ER, EQ, RES

TR IP , X, M, IR, ER, EQ, RES

U2 IP , X, M, IR, ER, EQ, NP

US IP , X, M, IR, EQ, NP , RES

ZA X, M, IR, ER, EQ, RES

GF V IX

Foreign variables: IP ∗, X∗, M∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.
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Table A.21: Model 8 specification, Brazil

Unit name Domestic variables

AU X, M, IR, ER, EQ, NP , RES

BR IP , X, M, IR, ER, EQ, NP , RES

CA IP , X, M, IR, ER, EQ, NP , RES

CH X, M, IR, ER, EQ, NP , RES

CN X, M, IR, ER, EQ

CZ IP , X, M, IR, ER, EQ

DK IP , X, M, IR, ER, EQ, RES

GB IP , X, M, IR, ER, EQ, NP , RES

HU IP , X, M, IR, ER, EQ, RES

IN X, M, IR, ER, EQ

JP IP , X, M, IR, ER, EQ, NP , RES

KR IP , X, M, IR, ER, EQ, RES

MX X, M, IR, ER, EQ, NP , RES

NO IP , X, M, IR, ER, EQ, RES

NZ X, M, IR, ER, EQ, NP , RES

PL IP , X, M, IR, ER, EQ, RES

RU IP , X, M, IR, ER, EQ, NP , RES

SE IP , X, M, IR, ER, EQ, RES

TR IP , X, M, IR, ER, EQ, RES

U2 IP , X, M, IR, ER, EQ, NP

US IP , X, M, IR, EQ, NP , RES

ZA X, M, IR, ER, EQ, RES

GF GCF

Foreign variables: IP ∗, X∗, M∗, IR∗, ER∗, EQ∗, NP ∗, RES∗.
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D Cross-unit correlation of posterior median residuals

Table A.22: Average pairwise cross-unit correlation of unit-model residuals for Switzerland,
Models 1 and 2

p-values GDP IR ER EQ NP RES

Model 1
<0.1 8 (38.1%) 3 (13.64%) 1 (4.76%) 10 (45.45%) 7 (77.78%) 19 (100%)

0.1-0.2 5 (23.81%) 3 (13.64%) 2 (9.52%) 11 (50%) 2 (22.22%) 0 (0%)
0.2-0.5 8 (38.1%) 16 (72.73%) 18 (85.71%) 1 (4.55%) 0 (0%) 0 (0%)
>0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)

Model 2
<0.1 19 (90.48%) 3 (13.64%) 0 (0%) 16 (72.73%) 8 (88.89%) 19 (100%)

0.1-0.2 2 (9.52%) 3 (13.64%) 10 (47.62%) 6 (27.27%) 1 (11.11%) 0 (0%)
0.2-0.5 0 (0%) 15 (68.18%) 11 (52.38%) 0 (0%) 0 (0%) 0 (0%)
>0.5 0 (0%) 1 (4.55%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)

Table A.23: Average pairwise cross-unit correlation of unit-model residuals for Switzerland,
Models 3 and 4

p-values C GFCF M X IR ER EQ NP RES

Model 3
<0.1 17 (80.95%) 18 (85.71%) 18 (85.71%) 21 (95.45%) 6 (27.27%) 1 (4.76%) 12 (54.55%) 6 (66.67%) 19 (100%)

0.1-0.2 3 (14.29%) 3 (14.29%) 3 (14.29%) 1 (4.55%) 3 (13.64%) 3 (14.29%) 10 (45.45%) 3 (33.33%) 0 (0%)
0.2-0.5 1 (4.76%) 0 (0%) 0 (0%) 0 (0%) 13 (59.09%) 17 (80.95%) 0 (0%) 0 (0%) 0 (0%)
>0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)

Model 4
<0.1 22 (100%) 21 (100%) 21 (100%) 21 (100%) 7 (31.82%) 1 (4.76%) 16 (72.73%) 8 (88.89%) 18 (94.74%)

0.1-0.2 0 (0%) 0 (0%) 0 (0%) 0 (0%) 2 (9.09%) 12 (57.14%) 6 (27.27%) 1 (11.11%) 1 (5.26%)
0.2-0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 13 (59.09%) 8 (38.1%) 0 (0%) 0 (0%) 0 (0%)
>0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)
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Table A.24: Average pairwise cross-unit correlation of unit-model residuals for Switzerland,
Models 5 and 6

p-values GDP IR ER EQ NP RES

Model 5
<0.1 8 (38.1%) 3 (13.64%) 1 (4.76%) 10 (45.45%) 7 (77.78%) 19 (100%)

0.1-0.2 5 (23.81%) 3 (13.64%) 2 (9.52%) 11 (50%) 2 (22.22%) 0 (0%)
0.2-0.5 8 (38.1%) 16 (72.73%) 18 (85.71%) 1 (4.55%) 0 (0%) 0 (0%)
>0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)

Model 6
<0.1 19 (90.48%) 3 (13.64%) 0 (0%) 16 (72.73%) 8 (88.89%) 19 (100%)

0.1-0.2 2 (9.52%) 3 (13.64%) 10 (47.62%) 6 (27.27%) 1 (11.11%) 0 (0%)
0.2-0.5 0 (0%) 15 (68.18%) 11 (52.38%) 0 (0%) 0 (0%) 0 (0%)
>0.5 0 (0%) 1 (4.55%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)

Table A.25: Average pairwise cross-unit correlation of unit-model residuals for Brazil, Model
1

p-values GDP IR ER EQ NP RES

<0.1 16 (76.19%) 11 (50%) 3 (14.29%) 20 (90.91%) 7 (63.64%) 20 (100%)
0.1-0.2 3 (14.29%) 5 (22.73%) 3 (14.29%) 2 (9.09%) 4 (36.36%) 0 (0%)
0.2-0.5 2 (9.52%) 6 (27.27%) 15 (71.43%) 0 (0%) 0 (0%) 0 (0%)
>0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)

Table A.26: Average pairwise cross-unit correlation of unit-model residuals for Brazil, Model
3

p-values C GFCF M X IR ER EQ NP RES

<0.1 19 (90.48%) 20 (95.24%) 20 (95.24%) 22 (100%) 14 (63.64%) 3 (14.29%) 20 (90.91%) 8 (72.73%) 18 (90%)
0.1-0.2 1 (4.76%) 1 (4.76%) 1 (4.76%) 0 (0%) 3 (13.64%) 7 (33.33%) 2 (9.09%) 3 (27.27%) 2 (10%)
0.2-0.5 1 (4.76%) 0 (0%) 0 (0%) 0 (0%) 5 (22.73%) 11 (52.38%) 0 (0%) 0 (0%) 0 (0%)
>0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)

Table A.27: Average pairwise cross-unit correlation of unit-model residuals for Brazil, Models
5 and 6

p-values X M IR ER EQ NP RES

Model 5
<0.1 18 (78.26%) 22 (100%) 9 (40.91%) 1 (4.76%) 7 (31.82%) 10 (90.91%) 18 (94.74%)

0.1-0.2 5 (21.74%) 0 (0%) 2 (9.09%) 7 (33.33%) 11 (50%) 1 (9.09%) 1 (5.26%)
0.2-0.5 0 (0%) 0 (0%) 11 (50%) 13 (61.9%) 4 (18.18%) 0 (0%) 0 (0%)
>0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)

Model 6
<0.1 22 (100%) 22 (100%) 20 (90.91%) 4 (19.05%) 17 (77.27%) 10 (90.91%) 17 (94.44%)

0.1-0.2 0 (0%) 0 (0%) 2 (9.09%) 8 (38.1%) 5 (22.73%) 1 (9.09%) 1 (5.56%)
0.2-0.5 0 (0%) 0 (0%) 0 (0%) 9 (42.86%) 0 (0%) 0 (0%) 0 (0%)
>0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)
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Table A.28: Average pairwise cross-unit correlation of unit-model residuals for Brazil, Models
7 and 8

p-values X M IR ER EQ NP RES IP

Model 7
<0.1 20 (86.96%) 22 (100%) 11 (50%) 3 (14.29%) 8 (36.36%) 10 (90.91%) 17 (94.44%) 11 (73.33%)

0.1-0.2 3 (13.04%) 0 (0%) 2 (9.09%) 7 (33.33%) 11 (50%) 1 (9.09%) 1 (5.56%) 3 (20%)
0.2-0.5 0 (0%) 0 (0%) 9 (40.91%) 11 (52.38%) 3 (13.64%) 0 (0%) 0 (0%) 1 (6.67%)
>0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)

Model 8
<0.1 22 (100%) 22 (100%) 21 (95.45%) 3 (14.29%) 18 (81.82%) 9 (81.82%) 16 (88.89%) 15 (100%)

0.1-0.2 0 (0%) 0 (0%) 1 (4.55%) 9 (42.86%) 4 (18.18%) 2 (18.18%) 2 (11.11%) 0 (0%)
0.2-0.5 0 (0%) 0 (0%) 0 (0%) 9 (42.86%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)
>0.5 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%) 0 (0%)

43



E Model fit wtih actual data

Figure A.1: In-sample fit (dotted) and actual values (solid) for Switzerland, Model 1

Figure A.2: In-sample fit (dotted) and actual values (solid) for Switzerland, Model 2
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Figure A.3: In-sample fit (dotted) and actual values (solid) for Switzerland, Model 3
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Figure A.4: In-sample fit (dotted) and actual values (solid) for Switzerland, Model 4
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Figure A.5: In-sample fit (dotted) and actual values (solid) for Switzerland, Model 5
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Figure A.6: In-sample fit (dotted) and actual values (solid) for Switzerland, Model 6
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Figure A.7: In-sample fit (dotted) and actual values (solid) for Brazil, Model 1

Figure A.8: In-sample fit (dotted) and actual values (solid) for Brazil, Model 3
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Figure A.9: In-sample fit (dotted) and actual values (solid) for Brazil, Model 5
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Figure A.10: In-sample fit (dotted) and actual values (solid) for Brazil, Model 6
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Figure A.11: In-sample fit (dotted) and actual values (solid) for Brazil, Model 7
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Figure A.12: In-sample fit (dotted) and actual values (solid) for Brazil, Model 8
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F Posterior inclusion probabilities (PIP) for Switzer-

land and Brazil

F.1 Results for Switzerland’s models

Table A.29: PIP for Switzerland, Model 1

Variable GDP IR ER EQ NP RES

GDPt−1 1.00 0.01 0.20 0.12 0.09 0.09
IRt−1 0.38 1.00 0.18 0.22 0.21 0.23
ERt−1 0.15 0.00 0.86 0.26 0.23 0.86
EQt−1 0.09 0.04 0.14 1.00 0.17 0.18
NPt−1 0.22 0.03 0.20 0.31 0.39 0.07

RESt−1 0.16 0.02 0.16 0.19 0.20 1.00
GDP ∗ 1.00 0.04 0.36 0.14 0.14 0.10

IR∗ 0.30 0.03 0.16 0.10 0.32 0.80
EQ∗ 0.16 0.04 0.16 1.00 0.18 0.10
NP ∗ 0.14 0.03 0.92 0.27 0.98 0.27

RES∗ 0.66 0.03 1.00 0.19 0.64 1.00
V IX∗∗ 0.24 0.02 0.16 0.55 0.56 0.76

GDP ∗
t−1 0.96 0.03 0.53 0.15 0.07 0.04

IR∗
t−1 0.36 0.04 0.14 0.11 0.18 0.28

EQ∗
t−1 0.13 0.04 0.12 1.00 0.32 0.12

NP ∗
t−1 0.18 0.03 0.26 0.20 0.23 0.10

RES∗
t−1 0.20 0.04 0.54 0.17 0.42 0.94

V IX∗∗
t−1 0.21 0.03 0.30 0.22 0.52 0.76

cons 0.55 0.03 0.22 0.11 0.10 0.10
trend 0.60 0.03 0.14 0.20 0.07 0.26

Table A.30: PIP for Switzerland, Model 2

Variable GDP IR ER EQ NP RES

GDPt−1 1.00 0.04 0.27 0.19 0.13 0.12
IRt−1 0.51 1.00 0.16 0.25 0.14 0.22
ERt−1 0.22 0.04 0.72 0.18 0.24 0.56
EQt−1 0.16 0.02 0.20 1.00 0.26 0.12
NPt−1 0.32 0.04 0.20 0.22 0.18 0.12

RESt−1 0.28 0.04 0.28 0.20 0.22 1.00
GDP ∗ 0.70 0.02 0.31 0.12 0.09 0.05

IR∗ 0.42 0.03 0.22 0.22 0.18 0.52
EQ∗ 0.24 0.04 0.17 1.00 0.15 0.08
NP ∗ 0.20 0.01 0.84 0.19 0.90 0.14

RES∗ 0.63 0.03 0.98 0.20 0.66 0.93
GCF ∗∗ 0.62 0.03 0.32 0.28 0.16 0.10

GDP ∗
t−1 0.40 0.05 0.22 0.10 0.08 0.05

IR∗
t−1 0.60 0.03 0.16 0.17 0.14 0.22

EQ∗
t−1 0.15 0.04 0.25 0.98 0.14 0.09

NP ∗
t−1 0.19 0.01 0.26 0.23 0.23 0.12

RES∗
t−1 0.26 0.06 0.34 0.17 0.40 0.55

GCF ∗∗
t−1 0.34 0.03 0.29 0.24 0.30 0.30

cons 0.20 0.04 0.17 0.20 0.05 0.07
trend 0.44 0.04 0.16 0.17 0.04 0.14
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Table A.31: PIP for Switzerland, Model 3

Variable C GF CF M X IR ER EQ NP RES

Ct−1 1.00 0.14 0.11 0.10 0.02 0.09 0.10 0.09 0.09
GF CFt−1 0.72 0.48 0.33 0.17 0.01 0.15 0.27 0.27 0.08

Mt−1 0.18 0.24 0.32 0.46 0.03 0.74 0.58 0.41 0.12
Xt−1 0.16 0.22 0.70 0.54 0.03 0.30 0.36 0.36 0.10

IRt−1 0.13 0.99 0.22 0.40 1.00 0.18 0.33 0.17 0.20
ERt−1 0.70 0.19 0.18 0.18 0.04 0.84 0.38 0.26 0.74
EQt−1 0.17 0.14 0.27 0.20 0.01 0.17 1.00 0.17 0.16
NPt−1 0.13 0.20 0.24 0.17 0.04 0.23 0.37 0.30 0.11

RESt−1 0.09 0.22 0.39 0.16 0.04 0.14 0.19 0.20 1.00
C∗ 1.00 0.54 0.28 0.22 0.01 0.21 0.14 0.09 0.08

GF CF ∗ 0.58 0.74 0.12 0.29 0.03 0.10 0.12 0.16 0.14
M∗ 0.10 0.92 0.09 0.21 0.03 0.11 0.10 0.07 0.10
X∗ 0.09 0.94 0.12 0.18 0.04 0.12 0.09 0.12 0.06
IR∗ 0.12 0.26 0.30 0.46 0.04 0.19 0.28 0.21 0.18
EQ∗ 0.19 0.18 0.28 0.28 0.06 0.24 1.00 0.24 0.10
NP ∗ 0.12 0.22 0.18 0.24 0.03 0.67 0.20 0.96 0.12

RES∗ 0.12 0.30 0.28 0.20 0.02 1.00 0.34 0.72 1.00
V IX∗∗ 0.22 0.35 0.20 0.22 0.03 0.15 0.52 0.37 0.38

C∗
t−1 0.81 0.07 0.12 0.12 0.03 0.12 0.10 0.06 0.05

GF CF ∗
t−1 0.26 0.14 0.10 0.06 0.03 0.14 0.17 0.22 0.06

M∗
t−1 0.30 0.19 0.31 0.10 0.06 0.06 0.10 0.16 0.05

X∗
t−1 0.22 0.21 0.34 0.10 0.02 0.07 0.10 0.21 0.06

IR∗
t−1 0.16 0.28 0.48 0.26 0.03 0.12 0.12 0.15 0.22

EQ∗
t−1 0.14 0.16 0.19 0.12 0.02 0.28 1.00 0.17 0.09

NP ∗
t−1 0.14 0.28 0.33 0.18 0.03 0.26 0.28 0.24 0.12

RES∗
t−1 0.06 0.23 0.88 0.44 0.04 0.48 0.23 0.25 0.84

V IX∗∗
t−1 0.14 0.31 0.23 0.26 0.04 0.40 0.36 0.34 0.21

cons 0.48 0.77 0.10 0.14 0.04 0.16 0.14 0.06 0.12
trend 0.52 0.28 0.13 0.12 0.03 0.14 0.16 0.10 0.26

Table A.32: PIP for Switzerland, Model 4

Variable C GF CF M X IR ER EQ NP RES

Ct−1 1.00 0.19 0.09 0.10 0.03 0.18 0.10 0.12 0.08
GF CFt−1 0.23 0.47 0.22 0.15 0.04 0.17 0.17 0.16 0.11

Mt−1 0.27 0.21 0.31 0.41 0.03 0.80 0.79 0.47 0.17
Xt−1 0.22 0.27 0.71 0.40 0.04 0.32 0.27 0.39 0.14

IRt−1 0.16 0.90 0.14 0.23 1.00 0.17 0.21 0.16 0.15
ERt−1 0.52 0.17 0.17 0.16 0.03 0.70 0.25 0.21 0.58
EQt−1 0.13 0.13 0.13 0.08 0.03 0.25 1.00 0.18 0.09
NPt−1 0.19 0.19 0.18 0.14 0.03 0.26 0.23 0.20 0.15

RESt−1 0.68 0.22 0.37 0.17 0.04 0.19 0.22 0.25 1.00
C∗ 0.45 0.30 0.07 0.07 0.03 0.12 0.10 0.06 0.06

GF CF ∗ 0.59 0.40 0.15 0.26 0.03 0.24 0.16 0.16 0.11
M∗ 0.13 0.82 0.09 0.21 0.03 0.13 0.16 0.08 0.11
X∗ 0.15 0.85 0.09 0.19 0.04 0.22 0.18 0.11 0.08
IR∗ 0.21 0.21 0.16 0.35 0.03 0.20 0.17 0.17 0.32
EQ∗ 0.18 0.23 0.20 0.11 0.04 0.23 1.00 0.12 0.07
NP ∗ 0.18 0.19 0.20 0.19 0.04 0.48 0.24 0.92 0.14

RES∗ 0.18 0.21 0.19 0.19 0.04 0.97 0.19 0.62 0.92
GCF ∗∗ 0.16 0.57 0.12 0.20 0.03 0.25 0.35 0.12 0.09

C∗
t−1 0.20 0.20 0.06 0.08 0.03 0.12 0.09 0.07 0.06

GF CF ∗
t−1 0.67 0.26 0.18 0.14 0.04 0.12 0.11 0.12 0.07

M∗
t−1 0.71 0.16 0.10 0.13 0.02 0.08 0.11 0.08 0.06

X∗
t−1 0.20 0.23 0.14 0.09 0.03 0.10 0.14 0.08 0.06

IR∗
t−1 0.16 0.23 0.18 0.13 0.04 0.12 0.13 0.13 0.11

EQ∗
t−1 0.16 0.18 0.11 0.10 0.04 0.45 1.00 0.14 0.07

NP ∗
t−1 0.22 0.33 0.29 0.20 0.04 0.20 0.29 0.22 0.09

RES∗
t−1 0.16 0.23 0.66 0.38 0.03 0.31 0.19 0.33 0.50

GCF ∗∗
t−1 0.55 0.19 0.15 0.17 0.04 0.35 0.25 0.21 0.16

cons 0.27 0.20 0.06 0.08 0.03 0.13 0.12 0.07 0.05
trend 0.25 0.18 0.09 0.06 0.03 0.12 0.14 0.08 0.09
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Table A.33: PIP for Switzerland, Model 5

Variable X M IR ER EQ NP RES

Xt−1 0.47 0.37 0.03 0.35 0.31 0.26 0.13
Mt−1 0.40 0.86 0.01 0.33 0.30 0.20 0.16
IRt−1 0.20 0.30 1.00 0.71 0.88 0.20 0.15
ERt−1 1.00 0.39 0.05 1.00 0.42 0.48 0.24
EQt−1 0.32 0.32 0.04 0.20 1.00 0.16 0.26
NPt−1 0.36 0.54 0.03 0.20 0.81 1.00 0.10

RESt−1 0.78 0.20 0.01 0.26 0.25 0.22 1.00
X∗ 0.79 0.79 0.03 0.26 0.94 0.24 0.10
M∗ 0.59 0.92 0.02 0.36 0.35 0.81 0.06
IR∗ 0.22 0.10 0.03 0.34 0.13 0.20 0.13
EQ∗ 0.32 0.31 0.04 0.20 1.00 0.18 0.14
NP ∗ 0.21 0.25 0.04 0.98 0.34 0.96 0.64

RES∗ 0.20 0.20 0.04 1.00 0.33 0.41 1.00
V IX∗∗ 0.34 0.21 0.03 0.21 0.88 0.50 0.68
X∗

t−1 0.42 0.63 0.03 0.26 0.65 0.16 0.07

M∗
t−1 0.51 0.42 0.04 0.22 0.54 0.80 0.15

IR∗
t−1 0.28 0.11 0.02 0.46 0.10 0.14 0.04

EQ∗
t−1 0.16 0.22 0.04 0.23 1.00 0.16 0.23

NP ∗
t−1 0.19 0.60 0.01 0.62 0.64 0.62 0.22

RES∗
t−1 0.16 0.14 0.05 1.00 0.40 0.33 1.00

V IX∗∗
t−1 0.86 0.55 0.02 0.49 0.84 0.80 0.11

cons 0.42 0.65 0.03 1.00 0.53 0.32 0.19
trend 1.00 0.76 0.02 0.66 0.98 0.16 0.72

Table A.34: PIP for Switzerland, Model 6

Variable X M IR ER EQ NP RES

Xt−1 0.44 0.42 0.04 0.58 0.32 0.41 0.09
Mt−1 0.26 0.32 0.03 0.74 0.22 0.40 0.23
IRt−1 0.29 0.16 1.00 0.23 0.26 0.28 0.11
ERt−1 1.00 0.78 0.02 1.00 0.72 0.46 0.12
EQt−1 0.41 0.34 0.04 0.30 1.00 0.38 0.06
NPt−1 0.26 0.30 0.04 0.25 0.30 1.00 0.07

RESt−1 0.62 0.14 0.03 0.22 0.23 0.17 1.00
X∗ 0.85 0.32 0.03 0.66 0.50 0.42 0.13
M∗ 0.50 1.00 0.04 0.44 0.80 0.88 0.10
IR∗ 0.31 0.14 0.01 0.38 0.14 0.16 0.04
EQ∗ 0.66 0.41 0.03 0.41 1.00 0.28 0.09
NP ∗ 0.34 0.26 0.04 0.76 0.28 0.76 0.40

RES∗ 0.28 0.20 0.02 1.00 0.14 0.16 1.00
GCF ∗∗ 0.28 0.28 0.04 0.90 0.41 0.19 0.96

X∗
t−1 0.30 0.18 0.05 0.26 0.96 0.30 0.10

M∗
t−1 0.37 0.28 0.06 0.38 0.26 0.92 0.28

IR∗
t−1 0.34 0.11 0.04 0.30 0.10 0.12 0.10

EQ∗
t−1 0.44 0.34 0.01 0.71 1.00 0.27 0.10

NP ∗
t−1 0.25 0.86 0.03 0.61 0.76 0.41 0.27

RES∗
t−1 0.28 0.19 0.04 0.93 0.13 0.14 1.00

GCF ∗∗
t−1 0.97 0.76 0.06 0.92 0.44 0.28 0.98

cons 0.40 0.74 0.04 0.98 0.26 0.10 0.26
trend 0.51 0.36 0.03 0.88 0.34 0.10 0.14
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F.2 Results for Brazil’s models

Table A.35: PIP for Brazil, Model 1

Variable GDP IR ER EQ NP RES

GDPt−1 1.00 0.99 0.24 0.33 0.14 0.18
IRt−1 0.19 1.00 0.22 0.29 0.26 0.17
ERt−1 0.19 0.88 0.74 0.32 0.19 0.19
EQt−1 0.22 0.51 0.31 0.92 0.42 0.20
NPt−1 0.15 0.27 0.26 0.24 0.29 0.68

RESt−1 0.50 0.20 0.23 0.20 0.14 0.84
GDP ∗ 1.00 0.65 0.33 0.62 0.16 0.18

IR∗ 0.14 0.20 0.51 0.19 0.34 0.43
EQ∗ 0.20 0.26 0.26 0.76 0.26 0.32
NP ∗ 0.22 0.36 0.28 0.41 0.27 0.25

RES∗ 0.24 0.85 0.36 0.28 0.17 0.32
V IX∗∗ 0.24 0.40 0.94 0.24 0.46 0.38

GDP ∗
t−1 0.98 0.96 0.20 0.28 0.11 0.18

IR∗
t−1 0.17 0.20 0.26 0.23 0.35 0.29

EQ∗
t−1 0.19 0.24 0.90 0.95 0.32 0.20

NP ∗
t−1 0.31 0.28 0.35 0.25 0.24 0.58

RES∗
t−1 0.60 0.25 0.21 0.44 0.15 0.27

V IX∗∗
t−1 0.49 0.29 0.93 0.49 0.21 0.28

cons 0.29 0.32 0.28 0.59 0.10 0.58
trend 0.25 0.99 0.69 0.56 0.14 0.17

Table A.36: PIP for Brazil, Model 3

Variable C GF CF M X IR ER EQ NP RES

Ct−1 0.99 0.25 0.22 0.11 0.19 0.13 0.87 0.11 0.11
GF CFt−1 0.14 1.00 0.95 0.21 1.00 0.15 0.23 0.12 0.19

Mt−1 0.20 0.44 0.41 0.28 0.34 0.40 0.33 0.28 0.99
Xt−1 0.14 0.15 0.27 0.70 0.33 0.18 0.28 0.27 0.84

IRt−1 0.12 0.98 0.33 0.46 1.00 0.21 0.26 0.26 0.22
ERt−1 0.13 0.14 0.39 0.51 0.17 0.25 0.54 0.13 0.20
EQt−1 0.14 0.20 0.24 0.19 0.80 0.14 0.35 0.39 0.13
NPt−1 0.21 0.30 0.61 0.45 0.44 0.25 0.24 0.41 0.28

RESt−1 0.26 0.19 0.80 0.30 0.24 0.23 0.28 0.24 0.32
C∗ 0.34 0.28 0.17 0.12 0.22 0.20 0.31 0.11 0.17

GF CF ∗ 0.49 0.21 0.18 0.20 0.18 0.60 0.20 0.13 0.20
M∗ 0.28 0.72 0.10 0.15 0.16 0.19 0.11 0.09 0.11
X∗ 0.40 0.31 0.13 0.10 0.18 0.19 0.12 0.08 0.12
IR∗ 0.10 0.24 0.28 0.18 0.17 0.26 0.16 0.22 0.87
EQ∗ 0.24 0.22 0.26 0.26 0.22 0.27 0.88 0.34 0.79
NP ∗ 0.49 0.25 0.51 0.57 0.37 0.35 0.60 0.22 0.30

RES∗ 0.16 0.21 0.31 0.20 0.98 0.67 0.25 0.22 0.43
V IX∗∗ 0.20 0.54 0.56 0.28 0.52 0.97 0.38 0.49 0.27

C∗
t−1 0.23 0.19 0.16 0.14 0.17 0.17 0.21 0.08 0.12

GF CF ∗
t−1 0.32 0.44 0.16 0.14 0.23 0.17 0.65 0.11 0.14

M∗
t−1 0.44 0.55 0.12 0.18 0.51 0.16 0.24 0.11 0.11

X∗
t−1 0.26 0.53 0.10 0.11 0.40 0.18 0.16 0.08 0.10

IR∗
t−1 0.12 0.17 0.18 0.46 0.16 0.19 0.30 0.30 0.37

EQ∗
t−1 0.18 0.19 0.27 0.39 0.18 0.92 0.93 0.37 0.22

NP ∗
t−1 0.23 0.26 0.30 0.28 0.66 0.24 0.24 0.21 0.44

RES∗
t−1 0.16 0.18 0.27 0.20 0.29 0.20 0.64 0.15 0.18

V IX∗∗
t−1 0.19 0.28 0.23 0.18 0.28 0.98 0.35 0.23 0.20

cons 0.14 0.13 0.59 0.11 0.21 0.20 0.33 0.09 0.96
trend 0.14 0.16 0.41 0.10 0.33 0.38 0.88 0.10 0.17
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Table A.37: PIP for Brazil, Model 5

Variable X M IR ER EQ NP RES

Xt−1 0.99 0.26 0.03 0.34 0.26 0.22 0.26
Mt−1 0.18 0.97 0.02 0.30 0.30 0.34 0.50
IRt−1 0.26 0.29 1.00 0.42 0.34 0.35 0.22
ERt−1 0.17 0.27 0.07 1.00 0.97 0.64 0.16
EQt−1 0.34 0.27 0.05 0.43 1.00 0.20 0.14
NPt−1 0.34 0.45 0.03 0.29 0.50 0.84 0.40

RESt−1 0.16 0.62 0.03 0.08 0.29 0.22 1.00
X∗ 0.75 0.54 0.06 0.29 0.52 0.26 0.21
M∗ 1.00 0.30 0.05 0.72 0.54 0.24 0.24
IR∗ 0.16 0.34 0.03 0.20 0.50 0.31 0.37
EQ∗ 0.12 0.33 0.04 0.69 1.00 0.13 0.22
NP ∗ 0.32 0.34 0.04 0.33 0.42 0.26 0.23

RES∗ 0.17 0.39 0.01 0.66 0.47 0.06 0.87
V IX∗∗ 0.22 0.23 0.04 0.86 0.28 0.27 0.81
X∗

t−1 0.24 0.39 0.03 0.25 0.36 0.22 0.16

M∗
t−1 0.24 0.61 0.04 0.28 0.70 0.20 0.12

IR∗
t−1 0.11 0.74 0.04 0.16 0.54 0.36 0.70

EQ∗
t−1 0.14 0.22 0.05 0.97 1.00 0.21 0.16

NP ∗
t−1 0.32 0.27 0.04 0.33 0.42 0.23 0.24

RES∗
t−1 0.14 0.78 0.04 0.66 0.34 0.08 0.82

V IX∗∗
t−1 0.26 0.34 0.03 0.36 0.25 0.30 0.25

cons 0.12 0.49 0.06 0.12 0.48 0.22 0.88
trend 0.22 0.86 0.04 0.68 1.00 0.48 0.12

Table A.38: PIP for Brazil, Model 6

Variable X M IR ER EQ NP RES

Xt−1 0.22 0.26 0.04 0.75 0.24 0.18 0.87
Mt−1 0.20 0.28 0.04 0.40 0.38 0.22 0.34
IRt−1 0.21 0.22 1.00 0.22 0.32 0.30 0.76
ERt−1 0.23 0.22 0.01 1.00 0.85 0.98 0.28
EQt−1 0.25 0.26 0.03 0.24 1.00 0.25 0.28
NPt−1 0.24 0.74 0.04 0.21 0.37 0.70 0.32

RESt−1 0.14 0.22 0.03 0.14 0.30 1.00 1.00
X∗ 0.34 0.74 0.01 0.25 0.50 0.26 0.28
M∗ 0.99 0.40 0.03 0.26 0.41 0.15 0.24
IR∗ 0.14 0.30 0.02 0.17 0.82 0.14 0.98
EQ∗ 0.18 0.09 0.03 0.27 0.34 0.14 0.28
NP ∗ 0.62 0.58 0.04 0.32 0.28 0.23 0.31

RES∗ 0.09 0.42 0.03 0.27 0.26 0.28 0.69
GCF ∗∗ 0.18 0.21 0.03 0.98 0.52 0.17 0.88

X∗
t−1 0.18 0.60 0.04 0.56 0.27 0.60 0.26

M∗
t−1 0.22 0.44 0.06 0.21 0.54 0.33 0.28

IR∗
t−1 0.12 0.86 0.02 0.17 0.86 0.20 0.98

EQ∗
t−1 0.12 0.12 0.06 0.82 0.52 0.16 0.22

NP ∗
t−1 0.76 0.19 0.03 0.52 0.22 0.18 0.25

RES∗
t−1 0.10 0.28 0.04 0.20 0.50 0.31 0.24

GCF ∗∗
t−1 0.11 0.19 0.04 0.29 0.42 0.30 0.20

cons 0.10 0.11 0.01 0.16 0.31 0.99 0.84
trend 0.11 0.96 0.01 0.36 1.00 0.98 0.96
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Table A.39: PIP for Brazil, Model 7

Variable X M IR ER EQ NP RES IP

Xt−1 0.74 0.24 0.03 0.48 0.26 0.20 0.23 0.12
Mt−1 0.30 0.92 0.04 0.23 0.30 0.26 0.52 0.12
IRt−1 0.82 0.14 1.00 0.33 0.28 0.30 0.22 1.00
ERt−1 0.17 0.19 0.04 1.00 1.00 0.69 0.26 0.17
EQt−1 0.34 0.20 0.02 0.41 1.00 0.22 0.24 0.22
NPt−1 0.36 0.52 0.00 0.26 0.54 0.80 0.44 0.14

RESt−1 0.16 0.24 0.02 0.14 0.38 0.23 1.00 0.14
X∗ 0.35 0.41 0.04 0.24 0.34 0.25 0.26 0.17
M∗ 1.00 0.20 0.03 0.60 0.41 0.18 0.21 0.26
IR∗ 0.13 0.44 0.04 0.15 0.39 0.32 0.44 0.10
EQ∗ 0.12 0.14 0.04 0.70 1.00 0.15 0.22 0.10
NP ∗ 0.50 0.72 0.04 0.27 0.42 0.28 0.28 0.14

RES∗ 0.14 0.16 0.02 0.71 0.56 0.12 0.88 0.58
IP ∗ 0.84 0.55 0.04 0.17 0.56 0.14 0.26 0.29

V IX∗∗ 0.19 0.20 0.03 0.84 0.19 0.26 0.76 0.18
X∗

t−1 0.19 0.46 0.03 0.26 0.28 0.26 0.24 0.54

M∗
t−1 0.44 0.76 0.03 0.24 0.50 0.23 0.13 0.12

IR∗
t−1 0.10 0.75 0.05 0.14 0.48 0.36 0.71 0.14

EQ∗
t−1 0.13 0.14 0.03 0.97 0.99 0.24 0.22 0.08

NP ∗
t−1 0.54 0.28 0.03 0.39 0.30 0.22 0.21 0.18

RES∗
t−1 0.15 0.22 0.02 0.70 0.38 0.12 0.75 0.41

IP ∗
t−1 0.26 0.66 0.03 0.28 0.22 0.14 0.19 0.18

V IX∗∗
t−1 0.24 0.23 0.04 0.45 0.22 0.32 0.21 0.16

cons 0.18 0.17 0.04 0.22 0.52 0.22 0.81 0.16
trend 0.22 0.22 0.01 0.60 1.00 0.37 0.16 1.00
IPt−1 0.86 0.89 0.06 0.27 0.22 0.27 0.39 1.00

Table A.40: PIP for Brazil, Model 8

Variable X M IR ER EQ NP RES IP

Xt−1 0.26 0.34 0.03 0.80 0.24 0.20 0.79 0.22
Mt−1 0.22 0.18 0.04 0.33 0.32 0.18 0.23 0.17
IRt−1 0.15 0.22 1.00 0.14 0.28 0.23 0.62 0.69
ERt−1 0.28 0.23 0.04 1.00 0.68 0.94 0.24 0.12
EQt−1 0.22 0.22 0.04 0.32 1.00 0.22 0.27 0.20
NPt−1 0.24 0.64 0.06 0.20 0.33 0.56 0.32 0.14

RESt−1 0.14 0.22 0.01 0.22 0.28 1.00 1.00 0.41
X∗ 0.29 0.66 0.01 0.28 0.40 0.30 0.30 0.10
M∗ 0.97 0.34 0.04 0.32 0.32 0.21 0.23 0.16
IR∗ 0.19 0.32 0.03 0.22 0.61 0.14 0.92 0.38
EQ∗ 0.18 0.12 0.03 0.30 0.38 0.11 0.22 0.11
NP ∗ 0.69 0.66 0.04 0.27 0.40 0.22 0.34 0.12

RES∗ 0.13 0.33 0.03 0.38 0.32 0.32 0.70 0.07
IP ∗ 0.17 0.18 0.02 0.21 0.60 0.38 0.44 0.24

GCF ∗∗ 0.12 0.14 0.06 0.92 0.68 0.26 0.76 0.32
X∗

t−1 0.22 0.50 0.02 0.60 0.22 0.64 0.30 0.49

M∗
t−1 0.19 0.50 0.03 0.22 0.60 0.30 0.27 0.23

IR∗
t−1 0.08 0.86 0.04 0.14 0.64 0.12 0.95 0.86

EQ∗
t−1 0.14 0.14 0.04 0.72 0.39 0.16 0.16 0.08

NP ∗
t−1 0.76 0.21 0.03 0.57 0.18 0.16 0.26 0.14

RES∗
t−1 0.16 0.23 0.03 0.26 0.72 0.27 0.26 0.14

IP ∗
t−1 0.12 0.18 0.06 0.12 0.26 0.44 0.30 0.16

GCF ∗∗
t−1 0.16 0.22 0.04 0.36 0.33 0.34 0.23 0.07

cons 0.06 0.19 0.02 0.17 0.26 1.00 0.65 0.31
trend 0.10 0.80 0.03 0.38 1.00 0.96 0.59 0.98
IPt−1 0.33 0.50 0.04 0.22 0.51 0.32 0.60 0.49
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G Average posterior inclusion probabilities (PIP)

Table A.41: Average PIP across units, Switzerland, Model 1

Variable GDP IR ER EQ NP RES V IX

GDPt−1 1.00 0.13 0.31 0.31 0.09 0.15
IRt−1 0.34 1.00 0.36 0.35 0.25 0.30
ERt−1 0.47 0.15 0.98 0.41 0.26 0.40
EQt−1 0.37 0.11 0.33 1.00 0.22 0.33
NPt−1 0.42 0.05 0.38 0.46 0.70 0.27

RESt−1 0.40 0.12 0.43 0.33 0.41 1.00
GDP ∗ 0.96 0.14 0.24 0.34 0.14 0.24

IR∗ 0.34 0.23 0.34 0.36 0.28 0.38
EQ∗ 0.33 0.11 0.44 1.00 0.26 0.35 0.96
NP ∗ 0.31 0.09 0.59 0.33 0.56 0.44 0.22

RES∗ 0.37 0.16 0.70 0.35 0.29 0.74
V IX∗∗ 0.44 0.12 0.66 0.47 0.42 0.41

GDP ∗
t−1 0.72 0.14 0.22 0.25 0.10 0.18

IR∗
t−1 0.35 0.19 0.26 0.35 0.21 0.34

EQ∗
t−1 0.31 0.17 0.33 0.98 0.28 0.24 0.97

NP ∗
t−1 0.32 0.08 0.31 0.34 0.29 0.31 0.53

RES∗
t−1 0.31 0.09 0.48 0.36 0.38 0.46

V IX∗∗
t−1 0.30 0.09 0.49 0.36 0.33 0.36

cons 0.52 0.11 0.25 0.27 0.11 0.17 0.66
trend 0.49 0.20 0.36 0.42 0.10 0.18 0.29

V IXt−1 1.00

Table A.42: Average PIP across units, Switzerland, Model 2

Variable GDP IR ER EQ NP RES GCF

GDPt−1 0.99 0.14 0.33 0.33 0.17 0.21
IRt−1 0.42 1.00 0.41 0.40 0.30 0.31
ERt−1 0.44 0.15 0.92 0.44 0.28 0.42
EQt−1 0.38 0.15 0.35 0.99 0.29 0.26
NPt−1 0.38 0.03 0.34 0.37 0.49 0.31

RESt−1 0.36 0.11 0.40 0.36 0.43 0.96
GDP ∗ 0.57 0.06 0.19 0.20 0.09 0.08

IR∗ 0.33 0.25 0.31 0.35 0.33 0.36
EQ∗ 0.31 0.12 0.33 0.97 0.22 0.30 1.00
NP ∗ 0.31 0.10 0.60 0.30 0.60 0.46 0.95

RES∗ 0.33 0.13 0.57 0.43 0.29 0.68
GCF ∗∗ 0.41 0.10 0.80 0.52 0.52 0.37

GDP ∗
t−1 0.39 0.07 0.18 0.19 0.09 0.09

IR∗
t−1 0.40 0.16 0.26 0.35 0.22 0.29

EQ∗
t−1 0.30 0.13 0.31 0.85 0.27 0.26 1.00

NP ∗
t−1 0.31 0.11 0.34 0.35 0.29 0.33 0.25

RES∗
t−1 0.30 0.10 0.33 0.41 0.33 0.34

GCF ∗∗
t−1 0.30 0.10 0.56 0.35 0.26 0.34

cons 0.35 0.07 0.22 0.22 0.07 0.09 0.86
trend 0.34 0.11 0.29 0.25 0.06 0.12 0.94

GCFt−1 1.00
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Table A.43: Average PIP across units, Switzerland, Model 3

Variable C GF CF M X IR ER EQ NP RES V IX

Ct−1 0.98 0.36 0.41 0.32 0.10 0.29 0.24 0.14 0.18
GF CFt−1 0.41 0.89 0.40 0.30 0.20 0.26 0.35 0.17 0.26

Mt−1 0.24 0.29 0.63 0.42 0.13 0.34 0.26 0.24 0.28
Xt−1 0.28 0.31 0.44 0.75 0.14 0.32 0.30 0.21 0.33

IRt−1 0.26 0.42 0.42 0.33 0.96 0.35 0.30 0.31 0.31
ERt−1 0.35 0.29 0.64 0.63 0.13 0.93 0.34 0.23 0.39
EQt−1 0.29 0.38 0.30 0.29 0.13 0.25 1.00 0.16 0.24
NPt−1 0.31 0.30 0.33 0.35 0.09 0.42 0.38 0.51 0.25

RESt−1 0.25 0.33 0.35 0.30 0.19 0.39 0.27 0.30 0.98
C∗ 0.73 0.39 0.39 0.31 0.11 0.21 0.22 0.12 0.14

GF CF ∗ 0.35 0.39 0.30 0.36 0.11 0.21 0.21 0.14 0.21
M∗ 0.19 0.28 0.58 0.57 0.12 0.16 0.18 0.12 0.14
X∗ 0.24 0.35 0.53 0.52 0.07 0.17 0.18 0.13 0.14
IR∗ 0.37 0.27 0.33 0.41 0.28 0.38 0.35 0.26 0.29
EQ∗ 0.31 0.31 0.39 0.41 0.17 0.37 1.00 0.29 0.36 0.96
NP ∗ 0.24 0.36 0.31 0.31 0.11 0.59 0.29 0.51 0.42 0.25

RES∗ 0.35 0.33 0.27 0.32 0.21 0.72 0.38 0.32 0.76
V IX∗∗ 0.29 0.31 0.31 0.36 0.13 0.65 0.42 0.39 0.34

C∗
t−1 0.53 0.36 0.31 0.29 0.12 0.20 0.19 0.13 0.14

GF CF ∗
t−1 0.34 0.28 0.33 0.29 0.15 0.19 0.23 0.17 0.19

M∗
t−1 0.25 0.18 0.41 0.34 0.11 0.16 0.20 0.12 0.14

X∗
t−1 0.29 0.19 0.37 0.36 0.09 0.14 0.16 0.18 0.15

IR∗
t−1 0.24 0.27 0.35 0.28 0.19 0.26 0.32 0.20 0.26

EQ∗
t−1 0.24 0.31 0.30 0.30 0.20 0.29 0.96 0.21 0.25 0.96

NP ∗
t−1 0.34 0.25 0.34 0.34 0.12 0.30 0.32 0.23 0.32 0.54

RES∗
t−1 0.28 0.40 0.36 0.26 0.13 0.38 0.34 0.29 0.40

V IX∗∗
t−1 0.27 0.32 0.37 0.39 0.12 0.42 0.34 0.31 0.26

cons 0.30 0.33 0.32 0.31 0.12 0.26 0.23 0.10 0.15 0.66
trend 0.39 0.28 0.34 0.34 0.14 0.29 0.28 0.09 0.19 0.30

V IXt−1 1.00

Table A.44: Average PIP across units, Switzerland, Model 4

Variable C GF CF M X IR ER EQ NP RES GCF

Ct−1 0.83 0.31 0.38 0.22 0.12 0.26 0.28 0.16 0.18
GF CFt−1 0.37 0.79 0.41 0.30 0.16 0.31 0.42 0.19 0.29

Mt−1 0.25 0.31 0.55 0.38 0.13 0.33 0.27 0.24 0.33
Xt−1 0.25 0.31 0.42 0.62 0.17 0.30 0.36 0.22 0.29

IRt−1 0.31 0.39 0.38 0.34 0.98 0.40 0.33 0.29 0.36
ERt−1 0.32 0.26 0.58 0.56 0.16 0.76 0.41 0.20 0.36
EQt−1 0.35 0.30 0.25 0.25 0.20 0.28 0.94 0.18 0.20
NPt−1 0.44 0.23 0.34 0.37 0.07 0.35 0.35 0.38 0.30

RESt−1 0.26 0.34 0.34 0.29 0.22 0.32 0.28 0.29 0.88
C∗ 0.36 0.22 0.18 0.15 0.07 0.25 0.24 0.10 0.14

GF CF ∗ 0.31 0.40 0.30 0.29 0.11 0.27 0.25 0.19 0.19
M∗ 0.16 0.23 0.63 0.47 0.12 0.24 0.26 0.17 0.17
X∗ 0.18 0.32 0.37 0.41 0.11 0.27 0.21 0.20 0.22
IR∗ 0.35 0.24 0.31 0.28 0.34 0.34 0.35 0.31 0.33
EQ∗ 0.31 0.25 0.31 0.28 0.15 0.41 0.95 0.21 0.28 1.00
NP ∗ 0.31 0.34 0.25 0.26 0.14 0.55 0.25 0.56 0.39 0.95

RES∗ 0.36 0.36 0.27 0.28 0.18 0.58 0.46 0.27 0.67
GCF ∗∗ 0.31 0.25 0.33 0.33 0.13 0.79 0.54 0.53 0.30

C∗
t−1 0.20 0.19 0.16 0.12 0.07 0.18 0.18 0.12 0.13

GF CF ∗
t−1 0.31 0.29 0.29 0.24 0.13 0.21 0.25 0.18 0.19

M∗
t−1 0.27 0.20 0.37 0.22 0.12 0.19 0.21 0.18 0.13

X∗
t−1 0.25 0.20 0.33 0.33 0.11 0.25 0.21 0.19 0.16

IR∗
t−1 0.36 0.31 0.29 0.21 0.22 0.26 0.34 0.17 0.26

EQ∗
t−1 0.20 0.28 0.24 0.24 0.19 0.28 0.75 0.24 0.21 1.00

NP ∗
t−1 0.35 0.28 0.27 0.32 0.15 0.31 0.32 0.25 0.30 0.30

RES∗
t−1 0.29 0.35 0.34 0.27 0.12 0.29 0.38 0.31 0.29

GCF ∗∗
t−1 0.31 0.25 0.33 0.36 0.16 0.39 0.38 0.18 0.24

cons 0.35 0.22 0.20 0.15 0.11 0.31 0.20 0.07 0.14 0.88
trend 0.40 0.25 0.16 0.18 0.12 0.35 0.23 0.08 0.15 0.94

GCFt−1 1.00
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Table A.45: Average PIP across units, Switzerland, Model 5

Variable X M IR ER EQ NP RES V IX

Xt−1 0.95 0.52 0.03 0.38 0.46 0.20 0.32
Mt−1 0.47 0.90 0.04 0.35 0.46 0.27 0.32
IRt−1 0.39 0.46 1.00 0.48 0.57 0.27 0.43
ERt−1 0.68 0.63 0.04 1.00 0.45 0.46 0.48
EQt−1 0.39 0.47 0.05 0.51 1.00 0.34 0.47
NPt−1 0.42 0.31 0.03 0.27 0.44 1.00 0.31

RESt−1 0.47 0.36 0.03 0.48 0.43 0.36 1.00
X∗ 0.61 0.72 0.03 0.40 0.43 0.23 0.36
M∗ 0.88 0.80 0.03 0.56 0.42 0.30 0.35
IR∗ 0.33 0.33 0.04 0.30 0.29 0.18 0.26
EQ∗ 0.25 0.38 0.03 0.62 1.00 0.33 0.36 1.00
NP ∗ 0.34 0.38 0.03 0.61 0.34 0.62 0.51 0.20

RES∗ 0.36 0.28 0.04 0.86 0.45 0.28 0.91
V IX∗∗ 0.39 0.37 0.04 0.82 0.55 0.38 0.47
X∗

t−1 0.48 0.61 0.05 0.36 0.36 0.26 0.31

M∗
t−1 0.50 0.52 0.04 0.40 0.33 0.35 0.36

IR∗
t−1 0.35 0.32 0.05 0.31 0.33 0.16 0.26

EQ∗
t−1 0.32 0.35 0.05 0.56 0.98 0.32 0.31 1.00

NP ∗
t−1 0.28 0.33 0.03 0.45 0.30 0.35 0.32 0.22

RES∗
t−1 0.34 0.25 0.04 0.78 0.40 0.23 0.78

V IX∗∗
t−1 0.38 0.44 0.04 0.77 0.44 0.40 0.50

cons 0.49 0.50 0.05 0.86 0.46 0.23 0.46 1.00
trend 0.60 0.70 0.05 0.82 0.59 0.21 0.40 0.18

V IXt−1 1.00

Table A.46: Average PIP across units, Switzerland, Model 6

Variable X M IR ER EQ NP RES GCF

Xt−1 0.85 0.48 0.03 0.46 0.33 0.26 0.29
Mt−1 0.40 0.81 0.03 0.35 0.43 0.39 0.28
IRt−1 0.39 0.50 1.00 0.40 0.50 0.35 0.40
ERt−1 0.71 0.71 0.03 1.00 0.56 0.41 0.42
EQt−1 0.33 0.42 0.03 0.41 1.00 0.33 0.44
NPt−1 0.40 0.32 0.03 0.28 0.36 1.00 0.29

RESt−1 0.42 0.35 0.03 0.40 0.45 0.30 1.00
X∗ 0.63 0.64 0.03 0.43 0.46 0.24 0.31
M∗ 0.84 0.71 0.04 0.47 0.54 0.40 0.41
IR∗ 0.29 0.32 0.03 0.26 0.20 0.22 0.27
EQ∗ 0.26 0.38 0.04 0.39 1.00 0.31 0.36 1.00
NP ∗ 0.37 0.35 0.03 0.55 0.34 0.67 0.42 0.99

RES∗ 0.30 0.31 0.04 0.69 0.42 0.24 0.88
GCF ∗∗ 0.34 0.41 0.03 0.93 0.68 0.50 0.54

X∗
t−1 0.40 0.46 0.03 0.36 0.39 0.39 0.31

M∗
t−1 0.43 0.45 0.04 0.40 0.29 0.39 0.31

IR∗
t−1 0.33 0.32 0.04 0.23 0.21 0.18 0.28

EQ∗
t−1 0.33 0.35 0.03 0.42 0.98 0.32 0.33 1.00

NP ∗
t−1 0.33 0.36 0.03 0.40 0.32 0.32 0.29 0.37

RES∗
t−1 0.35 0.29 0.03 0.62 0.36 0.21 0.71

GCF ∗∗
t−1 0.44 0.44 0.03 0.93 0.35 0.47 0.57

cons 0.47 0.49 0.03 0.77 0.46 0.19 0.43 1.00
trend 0.45 0.58 0.03 0.76 0.63 0.14 0.46 1.00

GCFt−1 1.00
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Table A.47: Average PIP across units, Brazil, Model 1

Variable GDP IR ER EQ NP RES V IX

GDPt−1 0.81 0.12 0.22 0.20 0.10 0.16
IRt−1 0.32 1.00 0.30 0.42 0.19 0.29
ERt−1 0.42 0.14 0.79 0.27 0.20 0.32
EQt−1 0.35 0.10 0.27 0.87 0.21 0.30
NPt−1 0.37 0.09 0.32 0.33 0.42 0.32

RESt−1 0.36 0.11 0.34 0.32 0.26 0.85
GDP ∗ 0.92 0.09 0.34 0.27 0.11 0.25

IR∗ 0.30 0.17 0.32 0.34 0.31 0.27
EQ∗ 0.31 0.08 0.34 0.89 0.20 0.32 0.22
NP ∗ 0.31 0.08 0.51 0.31 0.39 0.40 0.47

RES∗ 0.29 0.14 0.78 0.28 0.24 0.61
V IX∗∗ 0.44 0.08 0.60 0.45 0.27 0.34

GDP ∗
t−1 0.63 0.11 0.26 0.21 0.10 0.15

IR∗
t−1 0.27 0.12 0.25 0.27 0.22 0.23

EQ∗
t−1 0.27 0.08 0.31 0.64 0.23 0.22 0.24

NP ∗
t−1 0.28 0.09 0.35 0.32 0.22 0.34 0.35

RES∗
t−1 0.36 0.08 0.36 0.28 0.18 0.39

V IX∗∗
t−1 0.35 0.10 0.30 0.32 0.30 0.31

cons 0.37 0.06 0.28 0.24 0.07 0.20 0.17
trend 0.56 0.12 0.38 0.36 0.08 0.25 0.09

V IXt−1 0.76

Table A.48: Average PIP across units, Brazil, Model 3

Variable C GF CF M X IR ER EQ NP RES V IX

Ct−1 0.73 0.27 0.25 0.24 0.11 0.19 0.22 0.12 0.20
GF CFt−1 0.24 0.61 0.29 0.25 0.16 0.22 0.29 0.19 0.27

Mt−1 0.18 0.24 0.37 0.32 0.10 0.20 0.25 0.18 0.20
Xt−1 0.20 0.21 0.29 0.43 0.12 0.19 0.27 0.18 0.28

IRt−1 0.24 0.39 0.27 0.28 0.92 0.24 0.30 0.16 0.23
ERt−1 0.18 0.26 0.37 0.45 0.12 0.58 0.28 0.16 0.29
EQt−1 0.17 0.22 0.23 0.31 0.16 0.23 0.78 0.19 0.28
NPt−1 0.17 0.31 0.33 0.36 0.12 0.29 0.26 0.28 0.27

RESt−1 0.27 0.23 0.45 0.30 0.12 0.29 0.27 0.30 0.72
C∗ 0.67 0.32 0.27 0.26 0.08 0.13 0.13 0.08 0.13

GF CF ∗ 0.31 0.25 0.23 0.32 0.08 0.16 0.22 0.11 0.16
M∗ 0.17 0.24 0.45 0.36 0.10 0.13 0.15 0.08 0.11
X∗ 0.24 0.26 0.42 0.41 0.08 0.12 0.15 0.08 0.11
IR∗ 0.18 0.20 0.26 0.28 0.23 0.26 0.27 0.21 0.24
EQ∗ 0.16 0.24 0.27 0.28 0.12 0.33 0.85 0.19 0.31 0.21
NP ∗ 0.24 0.23 0.31 0.34 0.12 0.45 0.29 0.32 0.35 0.46

RES∗ 0.20 0.26 0.33 0.24 0.17 0.77 0.27 0.27 0.54
V IX∗∗ 0.20 0.26 0.27 0.33 0.13 0.56 0.44 0.22 0.28

C∗
t−1 0.31 0.24 0.26 0.28 0.08 0.21 0.21 0.12 0.15

GF CF ∗
t−1 0.22 0.20 0.23 0.26 0.13 0.23 0.23 0.14 0.18

M∗
t−1 0.15 0.17 0.20 0.19 0.10 0.15 0.16 0.12 0.14

X∗
t−1 0.18 0.15 0.24 0.25 0.09 0.15 0.17 0.12 0.13

IR∗
t−1 0.21 0.25 0.26 0.26 0.15 0.22 0.22 0.19 0.19

EQ∗
t−1 0.19 0.26 0.23 0.25 0.13 0.26 0.52 0.23 0.20 0.26

NP ∗
t−1 0.24 0.25 0.26 0.23 0.12 0.33 0.28 0.19 0.32 0.37

RES∗
t−1 0.21 0.26 0.31 0.32 0.10 0.27 0.29 0.15 0.32

V IX∗∗
t−1 0.20 0.33 0.32 0.30 0.11 0.30 0.25 0.21 0.23

cons 0.24 0.24 0.22 0.21 0.08 0.15 0.14 0.07 0.15 0.16
trend 0.37 0.28 0.22 0.25 0.11 0.22 0.26 0.08 0.15 0.10

V IXt−1 0.77
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Table A.49: Average PIP across units, Brazil, Model 5

Variable X M IR ER EQ NP RES V IX

Xt−1 0.71 0.28 0.03 0.31 0.34 0.20 0.26
Mt−1 0.36 0.64 0.03 0.37 0.36 0.22 0.29
IRt−1 0.44 0.40 1.00 0.39 0.42 0.22 0.37
ERt−1 0.45 0.43 0.03 1.00 0.36 0.58 0.36
EQt−1 0.29 0.34 0.03 0.43 1.00 0.31 0.39
NPt−1 0.31 0.32 0.03 0.38 0.34 0.99 0.38

RESt−1 0.27 0.34 0.03 0.31 0.36 0.30 1.00
X∗ 0.57 0.71 0.04 0.33 0.35 0.20 0.30
M∗ 0.71 0.62 0.04 0.52 0.33 0.23 0.24
IR∗ 0.28 0.30 0.04 0.25 0.27 0.27 0.21
EQ∗ 0.32 0.31 0.03 0.56 1.00 0.30 0.35 1.00
NP ∗ 0.38 0.34 0.03 0.49 0.35 0.32 0.48 0.23

RES∗ 0.25 0.37 0.03 0.78 0.33 0.17 0.79
V IX∗∗ 0.29 0.30 0.04 0.53 0.53 0.23 0.39
X∗

t−1 0.37 0.43 0.03 0.28 0.30 0.22 0.28

M∗
t−1 0.39 0.43 0.04 0.28 0.25 0.19 0.24

IR∗
t−1 0.26 0.34 0.03 0.29 0.33 0.24 0.27

EQ∗
t−1 0.26 0.26 0.03 0.49 0.94 0.24 0.30 1.00

NP ∗
t−1 0.32 0.35 0.03 0.31 0.32 0.41 0.34 0.74

RES∗
t−1 0.26 0.35 0.04 0.58 0.24 0.19 0.59

V IX∗∗
t−1 0.34 0.40 0.03 0.38 0.34 0.37 0.37

cons 0.30 0.44 0.03 0.69 0.32 0.16 0.40 0.24
trend 0.46 0.52 0.04 0.80 0.50 0.24 0.43 0.32

V IXt−1 1.00

Table A.50: Average PIP across units, Brazil, Model 6

Variable X M IR ER EQ NP RES GCF

Xt−1 0.44 0.28 0.04 0.32 0.30 0.28 0.34
Mt−1 0.36 0.43 0.05 0.30 0.38 0.38 0.36
IRt−1 0.36 0.31 1.00 0.38 0.40 0.34 0.41
ERt−1 0.52 0.45 0.07 0.93 0.48 0.62 0.38
EQt−1 0.29 0.30 0.05 0.32 0.98 0.28 0.30
NPt−1 0.32 0.34 0.03 0.38 0.38 0.95 0.34

RESt−1 0.26 0.27 0.04 0.35 0.26 0.34 0.92
X∗ 0.51 0.63 0.06 0.28 0.32 0.26 0.29
M∗ 0.61 0.52 0.06 0.34 0.31 0.26 0.33
IR∗ 0.31 0.25 0.05 0.26 0.32 0.25 0.32
EQ∗ 0.24 0.23 0.05 0.36 0.74 0.23 0.30 1.00
NP ∗ 0.39 0.30 0.05 0.38 0.33 0.34 0.37 0.54

RES∗ 0.23 0.33 0.08 0.55 0.33 0.24 0.72
GCF ∗∗ 0.31 0.35 0.05 0.67 0.54 0.16 0.41

X∗
t−1 0.28 0.34 0.04 0.29 0.26 0.40 0.26

M∗
t−1 0.34 0.38 0.04 0.28 0.29 0.34 0.25

IR∗
t−1 0.27 0.26 0.06 0.30 0.30 0.24 0.27

EQ∗
t−1 0.27 0.22 0.06 0.43 0.72 0.25 0.29 1.00

NP ∗
t−1 0.33 0.35 0.05 0.33 0.29 0.36 0.30 0.30

RES∗
t−1 0.25 0.25 0.08 0.43 0.25 0.24 0.39

GCF ∗∗
t−1 0.34 0.27 0.07 0.33 0.35 0.32 0.35

cons 0.22 0.30 0.07 0.42 0.27 0.24 0.44 0.16
trend 0.27 0.39 0.07 0.39 0.52 0.27 0.37 0.26

GCFt−1 1.00
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Table A.51: Average PIP across units, Brazil, Model 7

Variable X M IR ER EQ NP RES IP V IX

Xt−1 0.69 0.32 0.04 0.32 0.34 0.21 0.26 0.33
Mt−1 0.36 0.61 0.04 0.36 0.35 0.24 0.34 0.32
IRt−1 0.41 0.37 1.00 0.38 0.42 0.24 0.37 0.46
ERt−1 0.48 0.39 0.04 1.00 0.36 0.63 0.39 0.43
EQt−1 0.28 0.34 0.04 0.43 1.00 0.32 0.38 0.37
NPt−1 0.32 0.28 0.03 0.42 0.31 0.98 0.38 0.33

RESt−1 0.23 0.26 0.03 0.39 0.38 0.28 1.00 0.36
X∗ 0.53 0.71 0.05 0.37 0.32 0.20 0.31 0.37
M∗ 0.69 0.61 0.07 0.53 0.32 0.26 0.26 0.31
IR∗ 0.25 0.27 0.04 0.28 0.25 0.31 0.22 0.28
EQ∗ 0.31 0.30 0.05 0.62 0.96 0.31 0.36 0.25 1.00
NP ∗ 0.37 0.34 0.06 0.47 0.38 0.32 0.46 0.27 0.29

RES∗ 0.25 0.35 0.07 0.73 0.38 0.17 0.80 0.30
IP ∗ 0.55 0.55 0.06 0.40 0.34 0.20 0.30 0.78

V IX∗∗ 0.31 0.28 0.05 0.53 0.53 0.26 0.36 0.28
X∗

t−1 0.33 0.34 0.04 0.28 0.31 0.22 0.30 0.31

M∗
t−1 0.37 0.39 0.05 0.30 0.21 0.22 0.23 0.27

IR∗
t−1 0.27 0.29 0.04 0.35 0.30 0.24 0.29 0.34

EQ∗
t−1 0.28 0.24 0.04 0.52 0.91 0.26 0.29 0.19 0.99

NP ∗
t−1 0.30 0.36 0.06 0.32 0.32 0.39 0.36 0.31 0.72

RES∗
t−1 0.27 0.30 0.08 0.53 0.30 0.18 0.54 0.35

IP ∗
t−1 0.42 0.35 0.04 0.26 0.24 0.23 0.27 0.64

V IX∗∗
t−1 0.32 0.38 0.04 0.36 0.34 0.35 0.36 0.31

cons 0.30 0.41 0.04 0.57 0.29 0.14 0.38 0.39 0.26
trend 0.47 0.49 0.05 0.76 0.51 0.27 0.41 0.61 0.37
IPt−1 0.40 0.33 0.05 0.27 0.24 0.28 0.25 0.80

V IXt−1 1.00

Table A.52: Average PIP across units, Brazil, Model 8

Variable X M IR ER EQ NP RES IP GCF

Xt−1 0.42 0.28 0.04 0.32 0.30 0.31 0.31 0.35
Mt−1 0.32 0.40 0.05 0.30 0.39 0.41 0.37 0.32
IRt−1 0.35 0.27 1.00 0.35 0.37 0.34 0.38 0.45
ERt−1 0.51 0.43 0.06 0.93 0.46 0.64 0.37 0.36
EQt−1 0.26 0.26 0.04 0.30 0.97 0.26 0.28 0.36
NPt−1 0.32 0.36 0.04 0.38 0.35 0.94 0.32 0.25

RESt−1 0.26 0.28 0.04 0.36 0.27 0.33 0.91 0.34
X∗ 0.50 0.62 0.06 0.29 0.32 0.25 0.29 0.30
M∗ 0.61 0.51 0.07 0.34 0.27 0.25 0.33 0.28
IR∗ 0.30 0.25 0.05 0.26 0.32 0.25 0.29 0.36
EQ∗ 0.20 0.23 0.05 0.35 0.74 0.21 0.28 0.29 1.00
NP ∗ 0.38 0.32 0.06 0.37 0.34 0.35 0.35 0.30 0.58

RES∗ 0.26 0.33 0.08 0.57 0.35 0.28 0.65 0.26
IP ∗ 0.27 0.27 0.06 0.29 0.32 0.25 0.26 0.50

GCF ∗∗ 0.29 0.33 0.05 0.66 0.56 0.19 0.37 0.24
X∗

t−1 0.29 0.33 0.04 0.30 0.27 0.40 0.24 0.28

M∗
t−1 0.33 0.37 0.05 0.27 0.28 0.34 0.26 0.36

IR∗
t−1 0.26 0.24 0.06 0.28 0.31 0.23 0.25 0.42

EQ∗
t−1 0.24 0.23 0.06 0.39 0.68 0.26 0.29 0.27 1.00

NP ∗
t−1 0.31 0.34 0.05 0.33 0.32 0.39 0.29 0.27 0.26

RES∗
t−1 0.27 0.24 0.08 0.45 0.28 0.27 0.38 0.35

IP ∗
t−1 0.28 0.28 0.06 0.22 0.29 0.22 0.33 0.29

GCF ∗∗
t−1 0.32 0.24 0.07 0.36 0.36 0.32 0.33 0.27

cons 0.19 0.26 0.05 0.33 0.35 0.24 0.38 0.42 0.21
trend 0.26 0.33 0.06 0.37 0.51 0.25 0.32 0.46 0.27
IPt−1 0.35 0.36 0.05 0.26 0.30 0.47 0.25 0.49

GCFt−1 1.00
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H Responses to carry trade (NP ) shocks

H.1 Negative carry trade (NP ) shocks (scale = -0.5), Switzerland

Figure A.13: Generalized impulse responses to a negative carry trade (NP ) shock, Switzerland,
Models 1 and 2
Notes: Solid line is the posterior median response with the 68% (dark grey) and 80% (light grey) credible intervals.
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Figure A.14: Generalized impulse responses to a negative carry trade (NP ) shock, Switzerland,
Models 3 and 4
Notes: Solid line is the posterior median response with the 68% (dark grey) and 80% (light grey) credible intervals.

67



Figure A.15: Generalized impulse responses to a negative carry trade (NP ) shock, Switzerland,
Models 5 and 6
Notes: Solid line is the posterior median response with the 68% (dark grey) and 80% (light grey) credible intervals.
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H.1.1 Positive carry trade (NP ) shocks (scale = 0.5), Brazil

Figure A.16: Generalized impulse responses to a positive carry trade (NP ) shock, Brazil,
Models 1 and 3
Notes: Solid line is the posterior median response with the 68% (dark grey) and 80% (light grey) credible intervals.
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Figure A.17: Generalized impulse responses to a positive carry trade (NP ) shock, Brazil,
Models 5 and 6
Notes: Solid line is the posterior median response with the 68% (dark grey) and 80% (light grey) credible intervals.
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Figure A.18: Generalized impulse responses to a positive carry trade (NP ) shock, Brazil,
Models 7 and 8
Notes: Solid line is the posterior median response with the 68% (dark grey) and 80% (light grey) credible intervals.
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I Responses of policy interest rate (IP ) to carry trade

(NP ) shocks

Figure A.19: Response of policy interest rate (IP ) to negative carry trade (NP ) shocks,
Switzerland, Models 1 to 4

Figure A.20: Response of policy interest rate (IP ) to negative carry trade (NP ) shocks,
Switzerland, Models 5 and 6

Figure A.21: Response of policy interest rate (IP ) to positive carry trade (NP ) shocks,
Brazil, Models 1 and 3
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Figure A.22: Response of policy interest rate (IP ) to positive carry trade (NP ) shocks,
Brazil, Models 5 to 8
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J Generalized forecast error variance decomposition

(GFEVD)

GFEVD is used to analyze the explanatory power of the variables. Regarding the carry

trade (NP ) shocks in Switzerland and Brazil, Figures A.23, A.24, A.25 and A.26 display

the GFEVD results by separating foreign and domestic variables. Overall, results are very

similar for both countries in all models. Nevertheless, there are some important remarks to

be made. First, the explanatory power of domestic variables is more important than the

explanatory power of foreign variables. The exception is given by Models (6) and (8) for

Brazil, where the global risk controlled is the global common factor (GCF ). Second, both

countries share the exchange rates (ER) as an important domestic explanatory variable.

Third, international reserves have a central role in explaining (RES) the carry trade (NP )

in Brazil. This explanatory role is larger than exchange rates in all Brazilian models.

Figure A.23: GFEVD shares of carry trade (NP ) explained by own and foreign variables,
Stizerland and Brazil, Models 1 and 2
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Figure A.24: GFEVD shares of carry trade (NP ) explained by own and foreign variables,
Stizerland and Brazil, Models 3 and 4
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Figure A.25: GFEVD shares of carry trade (NP ) explained by own and foreign variables,
Switzerland and Brazil, Models 5 and 6
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Figure A.26: GFEVD shares of carry trade (NP ) explained by own and foreign variables,
Brazil, Models 7 and 8
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